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Abstract

The retailing giant Wal-Mart owes its success to the efficient use of
infor mation technology initsoperations. One of the notewor thy advances
made by Wal-Mart isthe devel opment of the data warehouse which gives
the company a strategic advantage over its competitors. In this chapter,
the planning and implementation of the Wal-Mart data warehouse is
described and its integration with the operational systems is discussed.
The chapter also highlights some of the problems encountered in the
developmental process of the data warehouse. The implications of the
recent advances in technologies such as RFID, which islikely to play an
important rolein the Wal-Mart data warehousein future, isalso detailed
in this chapter.
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| ntroduction

Data warehousing has become an important technology to integrate data
sourcesin recent decades which enables knowledge workers (executives,
managers, and analysts) to makebetter and faster decisions(SCN Education,
2001). Fromatechnol ogical perspective, Wal-Mart, asapioneer inadopting
datawarehous ngtechnol ogy, hasa waysadopted new technol ogy quickly and
successfully. A study of theapplicationsandissuesof datawarehousinginthe
retailingindustry based onWal-Martislaunched. By investigating theWal -
Mart datawarehousefrom variousperspectives, wereview someof thecritical
areaswhich are crucial to theimplementation of adatawarehouse. Inthis
chapter, thedevel opment, implementation, and eval uation of theWal-Mart
data warehouse is described, together with an assessment of the factors
responsiblefor deployment of asuccessful datawarehouse.

Data Warehousing

Datawarehouseisasubject-oriented, integrated, time-variant, non-updatable
collection of datausedin support of management decision-making (Agosta,
2000). Accordingto Anahory and Murray (1997), “ adatawarehouseisthe
data(meta/fact/dimension/aggregation) and theprocessmanagers(load/ware-
house/query) that makeinformation available, enabling peopleto makein-
formeddecisions’. Beforetheuseof datawarehouse, companiesusedto store
datain separate databases, each of whichweremeant for different functions.
Thesedatabasesextracted useful information, but noanalyseswerecarried out
withthedata. Sincecompany databasesheldlargevolumesof data, theoutput
of queriesoftenlisted out alot of data, making manual dataanalyseshardto
carry out. Toresolvethisproblem, the technique of datawarehousing was
invented. Theconcept of datawarehousingissmple. Datafromsevera existing
systemsisextracted at periodicintervals, trans ated intotheformat required by
the datawarehouse, and | oaded into the datawarehouse. Datain the ware-
housemay beof threeforms— detail edinformation (fact tables), summarized
information, and metadata (i.e., description of thedata). Dataisconstantly
transformed from one form to another in the data warehouse. Dedicated
decision support system is connected with the datawarehouse, and it can
retrieverequired datafor analysis. Summarized dataare presented to manag-
ers, hel pingthemto makestrategic decisions. For exampl e, graphsshowing
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