
1

DOI: 10.4018/979-8-3693-5638-8.ch023

Chapter 23
Knowledge Transfer to 
Boost Human Activity 

Recognition Performance
Mirjam Sepesy Maučec

 http://​orcid​.org/​0000​-​​0003​-​​0215​-​​513X
University of Maribor, Slovenia

Gregor Donaj
 http://​orcid​.org/​0000​-​​0002​-​​0297​-​​2714

University of Maribor, Slovenia

ABSTRACT

Activity recognition systems automatically recognize the daily activities of residents in smart home en-
vironments. Their development has been the subject of numerous studies, indicating a well-​established 
area of research. Developing HAR systems for practical use encounters numerous challenges. Deep 
learning approaches require labeled datasets from the target environment that are large enough. Acquiring 
sufficient activity labels is an expensive and time-​consuming task. The problem could be addressed by 
transferring knowledge from other environments. This process is known as transfer learning. In the 
chapter, some scenarios from the activity recognition environments, which illustrate these conditions, 
are described. Before knowledge transfer can be utilized, some issues need to be addressed. Source and 
target environments can differ to a great extent and need to be unified. This chapter discusses methods 
for handling differences. The chapter reviews some influential works in the field of transfer learning for 
activity recognition with a greater focus on recently published literature.

1. INTRODUCTION

In recent years, the challenges of an aging population have become more pronounced, with the rate 
of aging accelerating beyond historical trends. According to the World Health Organization (WHO), the 
percentage of the global population aged 60 and above is projected to almost double from 12% in 2015 
to 22% by 2050 (https://​www​.who​.int/​news​-​​room/​fact​-​​sheets/​detail/​ageing​-​​and​-​​health). Advances in 
medical care have led to higher survival rates among the elderly, which in turn has increased cognitive 
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impairments and other age-​related health issues. More elderly individuals are now living at home, often 
alone. The concept of “aging in place” refers to older adults remaining in their own homes as they age. 
While many elderly people maintain independence in their daily activities, sudden health problems 
can arise, gradually progressing to a point where living independently is no longer feasible. This raises 
concerns for older adults and their families about safety, mobility, and other daily needs. In response, 
home-​based care is provided by both formal and informal healthcare organizations, offering health, 
personal, and support services to help individuals remain at home and live as independently as possible. 
The growing aging population is placing significant strain on healthcare systems, intensifying the need 
to find more efficient ways to deliver care and support to older adults in their homes.

Basic daily tasks, known as Activities of Daily Living (ADLs), are essential functions most healthy 
people can perform independently. These tasks serve as key indicators of an elderly person’s overall 
health. Difficulty in completing ADLs can lead to unsafe living situations and a reduced quality of life. 
Healthcare professionals assess individuals’ ability to carry out ADLs to determine who may require 
assistance. By monitoring the daily routines of healthy individuals, we can understand their typical 
patterns of behavior. A shift in how these tasks are performed may signal the onset of health problems.

ADL recognition systems designed for smart environments can automatically detect the activities 
carried out by residents. The development of such systems has been the focus of many research efforts, 
highlighting it as a mature field of study. Recent advancements in sensor technology, the Internet of 
Things, machine learning, and artificial intelligence have contributed to significant progress in this area. 
Deep learning methods, in particular, show the most potential for training ADL recognition systems, but 
their effectiveness depends heavily on the availability of labeled data.

Sufficiently large amounts of labeled data are required to train the ADL recognition system. Acquiring 
labeled data is expensive and time-​consuming. In real-​world settings, there is often not enough time to 
manually collect a large volume of labeled data, train an ADL recognition system on that data, and then 
deploy the system in the environment. Since the environments where ADL systems are used share certain 
similarities, researchers are exploring methods to transfer knowledge between different environments, 
aiming to minimize the time and effort needed to set up ADL recognition systems in new settings.

Domains similar to the target domain often exist. Utilizing labeled data from related domains can be 
advantageous. Methods for transferring knowledge between domains are known as transfer learning and 
have been researched and utilized to accelerate development and enhance the performance of various 
machine learning applications. In this chapter, we review transfer learning in ADL recognition.

2. BACKGROUND

2.1 Activities of Daily Living

Activities of daily living are fundamental, routine tasks that the majority of healthy individuals are 
able to carry out independently without needing help. An ADL assessment helps evaluate whether an 
individual might need assistance with daily tasks. In the 1950s, geriatrician Sidney Katz defined ADLs 
as comprising six basic activities: personal hygiene, dressing, toileting, transferring (such as moving in 
and out of a chair or bed unaided), continence, and feeding (Katz, 1983). ADLs serve as an indicator of 

2



 

 

14 more pages are available in the full version of this document, which may

be purchased using the "Add to Cart" button on the publisher's webpage:

www.igi-global.com/chapter/knowledge-transfer-to-boost-human-activity-

recognition-performance/405166

Related Content

A Multi-Stage Fuzzy Model for Assessing Applicants for Faculty Positions in Universities
Raghda Hraiz, Mariam Khaderand Adnan Shaout (2019). International Journal of Intelligent Information

Technologies (pp. 1-33).

www.irma-international.org/article/a-multi-stage-fuzzy-model-for-assessing-applicants-for-faculty-positions-in-

universities/221353

The Method RAB2/E Matrix: An Approach for Effective Program and Project Portfolio

Prioritization Procedures
Altino José Mentzingen de Moraes (2023). Innovation, Strategy, and Transformation Frameworks for the

Modern Enterprise (pp. 88-114).

www.irma-international.org/chapter/the-method-rab2e-matrix/332306

On Dependability Issues in Ambient Intelligence Systems
Marcello Cinque, Antonio Coronatoand Alessandro Testa (2011). International Journal of Ambient

Computing and Intelligence (pp. 18-27).

www.irma-international.org/article/dependability-issues-ambient-intelligence-systems/58337

AI-Powered Dialogue System for Business Exploring GPT3's Impact
Amir Ahmad Dar, Akshat Jain, Mehak Malhotra, Mohammad Shahfaraz Khanand Manzoor Ahmad

Khanday (2024). Generative AI and Multifactor Productivity in Business (pp. 22-35).

www.irma-international.org/chapter/ai-powered-dialogue-system-for-business-exploring-gpt3s-impact/345465

AI-Enhanced Public Transportation Systems for Urban Sustainability
Sohel Rana Sarkarand Sirajun Tahura (2025). AI and Emerging Technologies for Emergency Response

and Smart Cities (pp. 97-116).

www.irma-international.org/chapter/ai-enhanced-public-transportation-systems-for-urban-sustainability/376627

http://www.igi-global.com/chapter/knowledge-transfer-to-boost-human-activity-recognition-performance/405166
http://www.igi-global.com/chapter/knowledge-transfer-to-boost-human-activity-recognition-performance/405166
http://www.irma-international.org/article/a-multi-stage-fuzzy-model-for-assessing-applicants-for-faculty-positions-in-universities/221353
http://www.irma-international.org/article/a-multi-stage-fuzzy-model-for-assessing-applicants-for-faculty-positions-in-universities/221353
http://www.irma-international.org/chapter/the-method-rab2e-matrix/332306
http://www.irma-international.org/article/dependability-issues-ambient-intelligence-systems/58337
http://www.irma-international.org/chapter/ai-powered-dialogue-system-for-business-exploring-gpt3s-impact/345465
http://www.irma-international.org/chapter/ai-enhanced-public-transportation-systems-for-urban-sustainability/376627

