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ABSTRACT

Artificial Intelligence (AI), particularly through the use of Deep Learning techniques, 
has revolutionized various industries, with transportation being one of the most 
significantly impacted sectors. AI’s ability to handle complex data, such as images 
and time-​series data, has led to the development of intelligent systems that improve 
transportation efficiency, safety, and management. CNNs excel in tasks like license 
plate detection for automated traffic surveillance, while RNNs, particularly with 
LSTM networks, enable real-​time traffic flow prediction and congestion manage-
ment. Furthermore, Generative Adversarial Networks GANs generate high-​fidelity 
traffic simulations, enhancing the testing of autonomous vehicles and infrastructure 
planning. These Deep Learning models are transforming transportation systems 
by enabling dynamic, real-​time solutions for managing traffic and improving road 
safety. This chapter explores the fundamentals of AI and Deep Learning, their evo-
lution in neural networks, and their impact on smart transportation through Deep 
Learning techniques.
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INTRODUCTION

Artificial Intelligence (AI) is a fast-​growing field that aims to develop intelli-
gent systems have ability of mimicking human cognition, learning from data, and 
making informed decisions (Russell & Norvig, 2021). It has revolutionized various 
industries, ranging from healthcare and finance to transportation and security, by 
enabling machines to perform complex tasks with high efficiency and accuracy 
(Esteva et al., 2017; Heaton et al., 2017; Litman, 2021). Among the key subfields of 
AI, Machine Learning (ML) and Deep Learning (DL) have played a pivotal role in 
driving its advancements, allowing computers to process and analyse vast amounts of 
data in ways that were once thought to be exclusive to humans (LeCun et al., 2015).

The evolution of neural networks has been instrumental in the development 
of Deep Learning models, which now serve as the foundation for many modern 
AI applications (Schmidhuber, 2015). Inspired by the human brains structure and 
function, artificial neural networks have evolved from basic perceptron to high-
ly sophisticated architectures capable of handling complex data representations 
(Goodfellow et al., 2016). This progression has enabled breakthroughs in image 
processing, natural language understanding, and predictive analytics (Krizhevsky 
et al., 2012; Hochreiter & Schmidhuber, 1997). However, as neural networks grow 
in complexity, challenges such as computational costs, training inefficiencies, and 
the need for vast labelled datasets have emerged, requiring continuous innovation 
in model development and optimization.

Deep Learning, a subset of Machine Learning which has transformed AI by 
leveraging multi-​layered neural networks to extract intricate patterns from large 
datasets (LeCun et al., 2015). Unlike traditional Machine Learning models that 
rely on manually crafted features, Deep Learning algorithms automatically learn 
hierarchical representations of data, making them particularly effective in areas such 
as autonomous systems, speech recognition, and computer vision (Goodfellow et 
al., 2016). Two fundamental techniques in Deep Learning, forward propagation and 
backward propagation, play a crucial role in training neural networks by adjusting 
model parameters to minimize prediction errors (Goodfellow et al., 2016). These 
techniques form the backbone of neural network learning, ensuring that models 
improve their accuracy over time. The integration of Deep Learning into trans-
portation has led to remarkable advancements in traffic management, autonomous 
driving, and intelligent surveillance. Convolutional Neural Networks (CNNs), with 
their ability to extract spatial hierarchies from images, have been widely adopted 
for object detection tasks, including license plate recognition using models like 
YOLO (Krizhevsky et al., 2012). Similarly, Recurrent Neural Networks (RNNs) 
and their advanced versions like Long Short-​Term Memory networks (LSTM), have 
demonstrated effectiveness in predicting traffic patterns by analysing sequential data 
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