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ABSTRACT

This study conducted a comprehensive investigation across Karnataka involving 575 
college students to explore their perceptions and acceptance of artificial intelligence 
(AI) in mental healthcare. The research utilized a mixed-​methods approach, incor-
porating the Technology Acceptance Model (TAM 2) to assess technology accep-
tance levels, the Cognitive and Sensory Innovativeness scale to measure innovative 
approaches in adopting AI technologies, an affective scale to evaluate emotional 
responses, and specific inquiries into participants' perceptions of AI. Stratified ran-
dom sampling ensured representation across various colleges and demographics 
within Karnataka. Data analysis employed correlation and regression analyses in 
SPSS to examine relationships between variables, including technology acceptance, 
cognitive and sensory innovativeness, affective responses, and perceptions of AI's 
cultural impact in mental healthcare.
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INTRODUCTION

Artificial Intelligence (AI) has increasingly found applications in revolutionizing 
mental healthcare globally, with India emerging as a significant adopter of AI-​driven 
solutions. Specifically, chatbots have garnered attention for their potential to enhance 
accessibility, affordability, and effectiveness in addressing mental health challenges. 
In India, where mental health resources are often scarce relative to the population 
size, chatbots represent a promising technological intervention. These AI-​powered 
systems simulate human-​like conversation through text or voice interfaces, providing 
users with immediate, round-​the-​clock support for various mental health concerns. 
The general scenario in India reflects a growing acceptance and utilization of chatbots 
in mental healthcare. Organizations, both public and private, are leveraging chatbot 
technology to extend mental health services beyond traditional clinical settings. 
This approach not only addresses the stigma associated with seeking psychological 
help but also caters to the diverse linguistic and cultural needs across the country.

The integration of chatbots into mental healthcare aligns with India's digital health 
initiatives, aiming to make healthcare more inclusive and accessible nationwide. 
With advancements in natural language processing (NLP) and machine learning, 
these chatbots can offer personalized interventions, ranging from mood tracking and 
self-​help techniques to crisis intervention and therapy referrals. However, challenges 
such as data privacy concerns, the need for regulatory frameworks, and ensuring 
the efficacy of AI-​driven interventions remain critical considerations. As research 
continues to validate the effectiveness of chatbots in diverse cultural contexts and 
clinical settings, their role in augmenting mental healthcare delivery in India is 
poised to expand significantly.

AI-​driven chatbots operate at the intersection of Natural Language Processing 
(NLP) and Machine Learning (ML), leveraging sophisticated algorithms to facilitate 
human-​like interactions. When a user engages with a chatbot, the NLP component, 
known as Natural Language Understanding (NLU), plays a pivotal role. It meticu-
lously parses the user's input—be it text or voice—to discern the underlying intent 
and extract pertinent information using advanced techniques like tokenization, 
part-​of-​speech tagging, and named entity recognition. This initial step forms the 
foundation for the chatbot's response strategy. Following NLU, the chatbot's dialog 
management system takes charge. This system is responsible for comprehending 
the context of the conversation, maintaining continuity across exchanges, and nav-
igating through multiple user intents seamlessly. It dynamically decides how best to 
respond based on a combination of predefined rules, learned patterns from previous 
interactions, and real-​time user input. This phase is crucial for ensuring that the 
chatbot's responses are not only accurate but also contextually relevant and aligned 
with the user's needs. Once the dialog strategy is determined, the chatbot employs 
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