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ABSTRACT

A new localization algorithm based on large scale unmanned aerial vehicle swarm (UAVs) is proposed
in the paper. The localization algorithm is based on a spring particle model (LASPM). It simulates
the dynamic process of physical spring particle system. The UAVs form a special mobile wireless
sensor network. Each UAV works as a highly-dynamic mobile sensor node. Only a few mobile
sensor nodes are equipped with GPS localization devices, which are anchor nodes, and the other
nodes are blind nodes. The mobile sensor nodes are set as particles with masses and connected with
neighbor nodes by virtual springs. The virtual springs will force the particles to move to the original
positions. The blind nodes’ position can be inferred with the LASPM algorithm. The computational
and communication complexity doesn’t increase with the network scale size. The proposed algorithm
can not only reduce the computational complexity, but also maintain the localization accuracy. The
simulation results show the algorithm is effective.
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INTRODUCTION

The development of unmanned aerial vehicle (UAV) swarm poses a great challenge to the
localization system of the UAVs (Chen et al., 2021). To swarming UAVs, their positions are
essential for a variety of collaborative operations, including navigation(Chen et al., 2022), motion
control(Wu et al.,2021), and mission completion (Gupta et al., 2016; Villas et al., 2013). There are
a number of localization schemes(Moon et al., 2022; Mozaffari et al., 2019; Xiong et al., 2021),
among which the global positioning system (GPS) is one of the most representative technologies
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(Youn et al., 2021; Goel et al., 2017). However, the location estimation performance of GPS has
been found to be unreliable in some closed and isolated environments(Qi et al., 2020), such as urban
canyons and indoor spaces (Zhou et al., 2019). The other localization and navigation methods,
such as inertia navigation (Svacha et al., 2020), have large error accumulations that cannot be used
in long-distance navigation (Gribben et al., 2014). Wireless sensor network technologies can be
used for the UAVs’ localization and navigation (Chen, et al., 2017). The wireless sensor nodes are
deployed with the UAVs(Alzenad et al., 2017; Yang et al., 2017) . However, with the increase of
operation area and scale of UAVs, a large number of sensor nodes need to be deployed(Alzenad
et al., 2018;Kim et al., 2010), thereby constituting a large-scale wireless sensor network(Chen
et al., 2018;Gao et al., 2021). A large-scale sensor network contains thousands of sensor nodes,
and the complexity of the network becomes very sensitive to the sensors’ scale(Yin et al., 2020).
Examples include computational complexity, time complexity, and communication complexity.
Now developing a low-complexity and high-energy efficient localization algorithm for large-scale
sensor networks on UAVs is very urgent.

To solve these problems, we propose a UAV system with some movable Ultra Wideband (UWB)
anchors. A base station controls several anchor UAVs. Each anchor UAV is equipped with a UWB
anchor and real-time kinematic (RTK)-GPS capabilities. The blind nodes are equipped with CC2431
chips, which can be determined from the proposed LASPM algorithm by calculating the related
forces with the neighbor anchor nodes. The diagram of a localization model for swarming UAVs is
shown in Figure 1.

The LASPM localization algorithm is based on a spring model that is suitable for large-scale
sensor networks. The complexity of each sensor node is O(1), which does not increase proportionally

Figure 1. The diagram of localization model for swarming UAVs

Q GrsaRrTK-available ¢ % ’
- SN

8

Base station



11 more pages are available in the full version of this
document, which may be purchased using the "Add to Cart"
button on the publisher's webpage: www.igi-
global.com/article/localization-algorithm-based-on-a-spring-

particle-model-laspm-for-large-scale-unmanned-aerial-

vehicle-swarm-uavs/333635

Related Content

Embodying Cognition: A Morphological Perspective

David Casacuberta , Saray Ayalaand Jordi Vallverdt (2010). Thinking Machines and
the Philosophy of Computer Science: Concepts and Principles (pp. 344-366).
www.irma-international.org/chapter/embodying-cognition-morphological-perspective/43707

Facial Expression Synthesis and Animation

loan Buciu, loan Nafornitaand Cornelia Gordan (2011). Affective Computing and
Interaction: Psychological, Cognitive and Neuroscientific Perspectives (pp. 184-206).
www.irma-international.org/chapter/facial-expression-synthesis-animation/49535

Elliptical Slot Microstrip Patch Antenna Design Based on a Dynamic
Constrained Multiobjective Optimization Evolutionary Algorithm

Rangzhong Wu, Caie Hu, Zhigao Zeng, Sanyou Zengand Jawdat S. Alkasassbeh
(2021). International Journal of Cognitive Informatics and Natural Intelligence (pp. 1-
15).
www.irma-international.org/article/elliptical-slot-microstrip-patch-antenna-design-based-on-a-

dynamic-constrained-multiobjective-optimization-evolutionary-algorithm/273156

Cognitive Weave Pattern Prioritization in Fabric Design: An Application-
Oriented Approach

Dejun Zheng, George Baciu, Jinlian Huand Hao Xu (2012). International Journal of
Cognitive Informatics and Natural Intelligence (pp. 72-99).
www.irma-international.org/article/cognitive-weave-pattern-prioritization-fabric/67795

Enhanced BiLSTM Model for EEG Emotional Data Analysis
Shanthalakshmi Revathy J., Uma Maheswari N.and Sasikala S. (2023). Principles
and Applications of Socio-Cognitive and Affective Computing (pp. 51-63).
www.irma-international.org/chapter/enhanced-bilstm-model-for-eeg-emotional-data-
analysis/314313



http://www.igi-global.com/article/localization-algorithm-based-on-a-spring-particle-model-laspm-for-large-scale-unmanned-aerial-vehicle-swarm-uavs/333635
http://www.igi-global.com/article/localization-algorithm-based-on-a-spring-particle-model-laspm-for-large-scale-unmanned-aerial-vehicle-swarm-uavs/333635
http://www.igi-global.com/article/localization-algorithm-based-on-a-spring-particle-model-laspm-for-large-scale-unmanned-aerial-vehicle-swarm-uavs/333635
http://www.igi-global.com/article/localization-algorithm-based-on-a-spring-particle-model-laspm-for-large-scale-unmanned-aerial-vehicle-swarm-uavs/333635
http://www.irma-international.org/chapter/embodying-cognition-morphological-perspective/43707
http://www.irma-international.org/chapter/facial-expression-synthesis-animation/49535
http://www.irma-international.org/article/elliptical-slot-microstrip-patch-antenna-design-based-on-a-dynamic-constrained-multiobjective-optimization-evolutionary-algorithm/273156
http://www.irma-international.org/article/elliptical-slot-microstrip-patch-antenna-design-based-on-a-dynamic-constrained-multiobjective-optimization-evolutionary-algorithm/273156
http://www.irma-international.org/article/cognitive-weave-pattern-prioritization-fabric/67795
http://www.irma-international.org/chapter/enhanced-bilstm-model-for-eeg-emotional-data-analysis/314313
http://www.irma-international.org/chapter/enhanced-bilstm-model-for-eeg-emotional-data-analysis/314313

