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ABSTRACT

Visualization of big data is crucial for meaningful interpretations and especially for healthcare. Brief 
discussions are made for big data, background for healthcare, and recent work in big data analytics for 
healthcare. This research pertains to different levels of big data: 5,110 vs. 101,766 vs. 320,200 vs. 1 
million data values. Data visualizations and predictive analytics are presented of big data for selected 
diseases of stroke with 5,110 data values, diabetes with 101,766 data values, and two COVID-19 
studies: one with 320,200 data values and another with 1 million data values. Data visualizations are 
generated for these diseases with big data using Tableau. For stroke patients, an investigation was 
performed to determine how different living environments affect relationship between strokes. The 
data visualizations for diabetes showed impact of insulin use yielded reduced hospital stays. Data 
visualizations for COVID-19 provided temporal trends in confirmed cases, mortality, and recovery 
rates for 2020-2023. Conclusions and future directions of research are presented.

Keywords
Big Data, Big Data Analytics, COVID-19, Descriptive Analytics, Diabetes, Predictive Analytics, Stroke, 
Visualization

INTRODUCTION

Big data was originally defined as the collection of datasets whose volume, velocity, or variety is 
so large that storing, managing, processing, and analyzing the data using traditional databases and 
data processing tools is complex (Bahga & Madisetti, 2016). According to an estimate in 2017 by 
IBM, 2.5 quintillion bytes of data is created daily, and 90% of the data in the world today was created 
in the last two years alone (Perry, 2017). Miele and Shockley (2013) authored a twenty-page IBM 
Executive Report titled “Analytics: The Real-World Use of Big Data” which is one of the first detailed 
discussions of big data.

In 2012, the United States (U.S.) government committed $200 million in big data research and 
development investment (The White House, 2012). Big data applications are estimated to be worth 
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300 billion dollars for the U.S. healthcare industry and 250 billion euros for Europe’s public sector 
administration (Manyika et al., 2011). So, what is big data? The numerical definition of big data is 
evolving with technological development. A dynamic definition is data that exceeds the capacity of 
commonly used hardware and software tools to capture, store, and analyze within a tolerable elapsed 
time is big data (Franks, 2012). Clegg (2017) authored a book on how the information revolution of 
big data is transforming our lives.

While Segall (2020a) discussed the crucial question “what is big data?,” Segall (2020b) discussed 
open-source software for big data. Segall and Niu (2020) wrote an entire book on open-source software 
for the statistical analysis of big data. Segall and Cook (2018) completed a two-volume handbook of 
big data storage and visualization techniques.

This paper specifically addresses big data for three selected diseases of strokes, diabetes, and 
COVID-19 for databases at different levels of big data (5,110 vs. 101,766 vs. 320,200 vs. 1 million 
data values).

RESEARCH BACKGROUND AND MOTIVATIONS

Yee et al. (2020) discussed the implications of big data on healthcare and its future steps with uses 
for clinical decision-making, research and development, population health and surveillance, detecting 
fraud, prediction capabilities, Google Trends, and preventive measures. They referred to Chen et al. 
(2016), describing a cognitive computing tool developed by IBM. The tool, named Watson, has been 
applied to big data challenges in life sciences research by integrating and analyzing big data that 
includes medical literature, patents, genomics, and chemical and pharmacological data. Chen et al. 
(2016) specifically discussed the application of IBM Watson to explore big data for cancer kinases.

Healthcare applications that have used big data include those for cancer research, disease detection, 
and population health. Big data has changed how researchers understand diseases, providing access 
to patient information, trends, and patterns that were not accessible before. Companies that use big 
data in healthcare applications include:

•	 Cancer research carried out by Tempus in Chicago, Illinois (USA) and Flatiron Health in New 
York City (USA)

•	 Early disease detection by Pieces in Irving, Texas (USA) and Prognos in New York City (USA)
•	 Population health research conducted by Amitech in Creve Coeur, Missouri (USA), Linguamatics 

in Marlborough, Massachusetts, and Socially Determined in Washington, DC (USA). (Schroer, 
2023)

Pramanik et al. (2022) provided a comprehensive overview of healthcare big data that extends 
the traditional 5 V’s to 10 V’s for healthcare big data: Volume, Velocity, Variety, Veracity, Validity, 
Viability, Volatility, Vulnerability, Visualization, and Value. Each of these are defined as below in 
Table 1 where the traditional 5 V’s are listed as the first five.

Hogue and Bao (2016) discussed the challenges of big data in health care and analytics tools 
such as MapReduce, Spark, and Storm. Patil and Vohra (2021) edited a handbook of research that 
focuses on healthcare applications of data science and analytics.

Varatharajan et al. (2020) discussed an in-depth study of big data analytics in the healthcare 
industry by analyzing healthcare applications using machine learning. Varatharajan et al. (2020) 
discussed the need for big data analytics in the healthcare ecosystem with personal health records, 
electronic health records, health information exchange, and national and international health analytics.

Varatharajan et al. (2020) compared the biggest challenges in big data analytics of data complexity, 
data volumes, performance, skills, data velocity, and cost for Boston, San Francisco, and Chicago. 



 

 

29 more pages are available in the full version of this

document, which may be purchased using the "Add to Cart"

button on the publisher's webpage: www.igi-

global.com/article/data-visualization-of-big-data-for-

predictive-and-descriptive-analytics-for-stroke-covid-19-and-

diabetes/331996

Related Content

Dynamic Behavior Analysis of Railway Passengers
Myneni Madhu Bala, Venkata Krishnaiah Ravilla, Kamakshi Prasad Vand Akhil

Dandamudi (2018). Innovative Applications of Big Data in the Railway Industry (pp.

157-182).

www.irma-international.org/chapter/dynamic-behavior-analysis-of-railway-passengers/191744

Working Towards a Data Science Associates Degree Program: Impacts,

Challenges, and Future Directions
Wendy Chin, James Braman, Hanks Melissaand Paulette Comet (2022). Applying

Data Science and Learning Analytics Throughout a Learner’s Lifespan (pp. 160-175).

www.irma-international.org/chapter/working-towards-a-data-science-associates-degree-

program/301861

Prediction Length of Stay with Neural Network Trained by Particle Swarm

Optimization
Azadeh Oliyaeiand Zahra Aghababaee (2017). International Journal of Big Data and

Analytics in Healthcare (pp. 21-38).

www.irma-international.org/article/prediction-length-of-stay-with-neural-network-trained-by-

particle-swarm-optimization/204446

Artificial Intelligent Embedded Doctor (AIEDr.): A Prospect of Low Back Pain

Diagnosis
Sumit Das, Manas Kumar Sanyaland Debamoy Datta (2019). International Journal of

Big Data and Analytics in Healthcare (pp. 34-56).

www.irma-international.org/article/artificial-intelligent-embedded-doctor-aiedr/247457

An Exploratory Analysis Using Co-Authorship Network: Trends in Risk

Behavior
Burçin Güçlü, Miguel Ángel Canelaand Inés Alegre (2019). Machine Learning

Techniques for Improved Business Analytics (pp. 166-200).

www.irma-international.org/chapter/an-exploratory-analysis-using-co-authorship-network/207384

http://www.igi-global.com/article/data-visualization-of-big-data-for-predictive-and-descriptive-analytics-for-stroke-covid-19-and-diabetes/331996
http://www.igi-global.com/article/data-visualization-of-big-data-for-predictive-and-descriptive-analytics-for-stroke-covid-19-and-diabetes/331996
http://www.igi-global.com/article/data-visualization-of-big-data-for-predictive-and-descriptive-analytics-for-stroke-covid-19-and-diabetes/331996
http://www.igi-global.com/article/data-visualization-of-big-data-for-predictive-and-descriptive-analytics-for-stroke-covid-19-and-diabetes/331996
http://www.irma-international.org/chapter/dynamic-behavior-analysis-of-railway-passengers/191744
http://www.irma-international.org/chapter/working-towards-a-data-science-associates-degree-program/301861
http://www.irma-international.org/chapter/working-towards-a-data-science-associates-degree-program/301861
http://www.irma-international.org/article/prediction-length-of-stay-with-neural-network-trained-by-particle-swarm-optimization/204446
http://www.irma-international.org/article/prediction-length-of-stay-with-neural-network-trained-by-particle-swarm-optimization/204446
http://www.irma-international.org/article/artificial-intelligent-embedded-doctor-aiedr/247457
http://www.irma-international.org/chapter/an-exploratory-analysis-using-co-authorship-network/207384

