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INTRODUCTION'

The social survey research community has always felt the need to identify and share criteria for assessing
the quality of collected and analysed data. Data quality is a fundamental aspect of social survey research
that comes from the diffusion and usage of large-scale surveys planned without adequate methodological
design. In the long tradition of reflections on the data quality in surveys, it seems that two antithetical
positions prevail: according to the behaviourist paradigm, data quality is the absence of distortions in
the measurement process (Groves, 1991); otherwise, the pragmatic position conceptualises data quality
as the satisfaction of the logical and methodological conditions necessary for the achievement of the
cognitive research’s objectives (Mauceri, 2003).

The first position originated in psychometrics, and social survey methodology imported it. The
nineteenth century saw the spread of what Von Hayek (1989) called the scientist attitude, according to
which the human sciences can develop only by following the guidelines, the method and the procedures
of the physical sciences. The gradual devaluation of the philosophical differences between the physical
and human sciences has transferred to the social sciences, mainly quantitative social science, giving
rise to the so-called survey methodology. This approach is based on measurement theory that conceives
data quality as the absence of error in the measurement process: the researcher investigates the sources
of error that can move the measured values away from the true values (Groves, 2004).

Other scholars criticise this scientific attitude and claim the social sciences’ ontological, epistemo-
logical, and methodological autonomy from natural and physical sciences (Marradi, 2016). Rejecting
the idea that only one model of science exists (that one of hard sciences) and accusing social scientists
of denying their philosophical origins - because the models of the physical sciences attract them - these
scholars have given rise to a pragmatic view on data quality debate. The pragmatic approach looks at
the actual conditions of research and the cognitive goals that move it. “There is data quality when the
researcher succeeds in fulfilling the logical and methodological conditions necessary to achieve the
cognitive objectives of the research” (Mauceri, 2003, p. 41).

Analysing these two paradigms is necessary to understand the complex data quality topic.
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The attention to data quality measurement originated in psychometrics, whose roots are in the behav-
iourism paradigm, born in the early 1900s when the focus of the academic community of psychologists
shifted from introspective methods to external environments in order to understand and explain human
behaviour. Behaviourism has transmitted its appeal to social survey methodology by attempting to pursue
“the comparability of responses” through the invariance of the stimuli and the standardisation of the
interview situation (Fideli & Marradi, 1996, p. 74). The mechanical stimulus-response model represents
the survey interview as follows: the stimulus (the questionnaire’s question) is characterised by a high
degree of structuring, and the respondents have to answer the same questions in the form and order
designed by the researcher (Gobo, 1997). Fowler and Mangione summarise the core of the behaviourist
manifesto in survey research: “the key element of measurement is standardisation. Standardisation aims
to expose all respondents to the same question and response alternatives. In this way, differences can be
interpreted as actual differences among respondents” (1990, p. 14). The highly standardised interview
theorised by behaviourists requires establishing strict rules, especially regarding the interviewer’s role,
which is conceptualised as one of the leading causes of measurement error in the survey. In this approach,
the perfect behaviourist interviewer has high skills to follow standardisation rules, administering stimuli
designed by others within the cage imposed by standardisation in order not to introduce bias and errors
during the interview (Biemer et al., 1991).

According to the measurement theory, the act of measurement in a survey produces an empirical
observation, which incorporates an error from the true value. The measurement theory intends to study
and tackle the errors from the true values observations. Several authors, such as Deming (1944) and Kish
(1965), have contributed to conceptualising the social survey error. Andersen et al. (1979) theorised the
total survey error, identifying the effects of the different error sources. Then Biemer and Lyberg (2003)
introduced the conceptual specification error (the inadequate and poor specification of object investiga-
tion) and the processing error (i.e. data cleaning, coding, data entry, and statistical weighting). For Groves
(2004), survey methodology was born to study the error sources that, either randomly or systematically,
affect the quality of all survey phases. The scholar has differentiated the systematic error between the
observation error (the distance between a subject’s answer and the subject’s true value on the measured
property) and the non-observation error caused by statistical estimation error (the distance between the
sample value and the population value).

The measurement theory in survey research comes from the positivists’ and neopositivists’ episte-
mological framework: the task of science is to pursue the truth (objective knowledge), and the scientist’s
task is to discover the reality without introducing any element of personal interpretation. This idea of
science refers to objectivist gnoseology: the conceptual structures with which the researcher represents
the object under investigation are not free creations of the human intellect but are provided naturally
by the object itself through the sensations emitted to the perceiving agent. “The etymology of the term
‘data’ emphasises the passive attitude of the researcher” (Bruschi, 1990, p. 224) because the data would
be coercively imposed by an objective reality external to the researcher that can be grasped only through
scientific activity (Agnoli, 1992, p. 144).

An alternative theoretical approach to the quality of data in social survey research, labelled by Mauceri
(2003) as pragmatic, rejects the existence of true data - and the measurement theory - and defines data as
the outcome of a process, “the product of operations of selection, collection and formalization” (Statera,
1994, p. 125) that the researcher deploys to achieve the cognitive research goals. Data is the lowest unit
of information that, after being collected and formalised, is coded into a matrix and subjected to further
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