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ABSTRACT

The opinion of a target audience is a major objective for the assessing state of efficacy pertaining to
reviews, business decisions surveys, and such factors that require decision making. Feature selection
turns out to be a critical task for developing robust and high levels of classification while decreasing
training time. Models are required for stating the scope for depicting optimal feature selection for
escalating feature selection strategies to escalate maximal accuracy in opinion mining. Considering
the scopeforimprovement,ann-gram feature selection approachis proposed where optimal features
based on term co-occurrence fitnessis proposed in this article. Genetic algorithms focus on determin-
ing the evolution and solution to attain deterministicand maximal accuracy having a minimal level of
computational processforreflectingon the sentiment scope for sentiment. Evaluationsreflect that the
proposed solutionis capable, which outperforms the separatefilter-oriented feature selection models
of sentiment classification.
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INTRODUCTION

User-generated contentanalysis has become very vital in terms of analyzing the data insights that are
generated by theorganization.Sentimentanalysisasasubjecthasgained momentumand globally there
are many companies thatare focusing on using the user-centric data to analyze theissues and identify
the insights that they could use for enhancing the user experience.

Analyzing user opinions are very criticalin the decision making and globally many companies have
reaped potential benefits of same. Profoundly, the sentiment analysis enables usersto have an opinion
andthe consumerbehavior patterns.Opinion of one single individual might be ignorable but consider-
ing the viewpoints of the macro set of consumers is very essential to evaluate and adjudge the brand
perceptionamongthe customers, asdivergentviews of customers can be envisaged from such process
(Hu & Liu, 2004).

In NLP (Natural Language Processing) opinion mining and the process of sentiment analysis has
gained profound importance (Liu, 2012) and profoundly in the case of web mining, analytics of social
media messages data mining has become an important part.

The study (Cambria, Das, Bandyopadhyay, & Feraco, 2017) emphasizes the importance of opinion
mining as:

. Entity (E) (Deng & Wiebe, 2015), the ones that focus on the entity, event, a service or an indi-
vidual task

. Entity Aspects(A)aretheonesrelatedtoaproduct,anorganization, resultingoutcome ofanevent
or service.

. Opinion Articulated Time (T) which reflects the event of time wherein the opinion is expressed.

. The sentiment (S) like the positive, or opinion oriented like negative or neutral or the ones that
relate to aspect of entity.

It is imperative from the aforesaid objectives that the sentiment analysis are being resourceful in
variousdimensionsthatare stated above, thatfocus on the overall opinion of target set representatives.
Majority of the sentiment analysis solutions contributed are machine-learning solutions that focus on
the opinion aspects.

The process of feature representation usuallyimpacts the efficacy of machine learning approaches
(LeCun, Bengio & Hinton, 2015) and there is need for focused attempt in terms of using the feature
selection strategies that can deliver better outcome (Mohammad, Kiritchenko & Zhu, 2013). Learning
mechanisms are very effective in terms of choosing the discriminative features (Bengio, Courville &
Vincent, 2013), learners ensemble (LeCun, Bengio & Hinton, 2015) which leads to more opportuni-
ties forlearning from the chosen data at distinctlevels and can it can lead to deep learning conditions.
However, the majority of contemporary contributions related to opinion mining are portraying the
optimalfeaturesfromindividual elements such asterms (subject, predicates, or sentimentlexicons) of
the learning data selection.

In this paper, animproved n-gram feature selection approach and optimal features based on term
co-occurrencefitness evolution are proposed. The proposed model is compared with geneticrank ag-
gregation model. Performance analysis shows that the proposed modelis outstanding and robust with
high classification accuracy as compared with genetic rank aggregation model.
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