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INTRODUCTION
The Evolutionary Algorithms (EAs) mimic behaviour of biological entities and they are inspired from
Darwinian evolution in nature. The EAs have been extensively studied and applied to several real-world
engineering problems. Biogeography-based optimization (BBO) (Simon, 2008) is a recently introduced
evolutionary algorithm. BBO is based on mathematical models that describe how species migrate from
one island to another, how new species arise, and how species become extinct. The way the problem solution is found is analogous to nature’s way of distributing species. In the BBO approach there is a way of
sharing information between solutions (Simon, 2008), similar to the other evolutionary algorithms such
as GAs, DE, and PSO. This feature makes BBO suitable for the same types of problems that the other
algorithms are used for, namely high-dimensional data. Additionally, BBO has some unique features,
which are different from those found in the other evolutionary algorithms. For example, quite different
from GAs, DE and PSO, the set of the BBO’s solutions is maintained from one generation to the next
and is improved using the migration model, where the emigration and immigration rates are determined
by the fitness of each solution. These differences can make BBO outperform other algorithms (Simon,
2008). BBO has been applied successfully to several real world engineering problems (Ashrafinia, Pareek,
Naeem, & Lee, 2011; Bhattacharya & Chattopadhyay, 2010; Boussaïd, Chatterjee, Siarry, & AhmedNacer, 2011; S. K. Goudos et al., 2012; Jamuna & Swarup, 2011; Kankanala, Srivastava, Srivastava,
& Schulz; Mandal, Bhattacharya, Tudu, & Chakraborty, 2011; Rathi, Agarwal, Sharma, & Jain, 2011;
Silva, dos S Coelho, & Freire, 2010).
The purpose of this chapter is to briefly describe the BBO algorithm and present its application to
antenna and wireless communications design problems. This chapter presents results from design cases
that include patch antenna, linear antenna array, and a Partial Transmit Sequence (PTS) scheme for
OFDM signals based on BBO. The chapter is supported with an adequate number of references. This
chapter is subdivided into five sections. The “Background” Section presents the issues, problems, and
trends with BBO. Then we briefly present the main BBO algorithm. In the next Section, we describe
the design cases and present the numerical results. An outline of future research directions is provided
in the following Section while in the “Conclusion” Section we conclude the chapter and discuss the
advantages of using a BBO-based approach in the design and optimization of wireless systems and antennas. Finally, an “Additional Reading Section” gives a list of readings to provide the interested reader
with useful sources in the field.
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The mathematical models of Biogeography are based on the work of Robert MacArthur and Edward
Wilson in the early 1960s. Using this model, they have been able to predict the number of species in
a habitat. The habitat is an area that is geographically isolated from other habitats. The geographical
areas that are well suited as residences for biological species are said to have a high habitat suitability
index (HSI). Therefore, every habitat is characterized by the HSI which depends on factors like rainfall,
diversity of vegetation, diversity of topographic features, land area, and temperature. Each of the features
that characterize habitability is known as suitability index variables (SIV). The SIVs are the independent
variables while HSI is the dependent variable.
Similar to the other evolutionary algorithms (EAs) such as Genetic Algorithms (GAs), Particle Swarm
Optimization (PSO), Artificial Bee Colony (ABC) optimization, in the BBO approach there is a way of
sharing information between solutions (Simon, 2008). This feature makes BBO suitable for the same
types of problems that the other algorithms are used for, namely high-dimensional data. Additionally,
BBO has some unique features that are different from those found in the other evolutionary algorithms.
For example, quite different from GAs, Ant Colony Optimization (ACO) and PSO, from one generation
to the next the set of the BBO’s solutions is maintained and improved using the migration model, where
the emigration and immigration rates are determined by the fitness of each solution. BBO differs from
PSO in the fact that PSO solutions do not change directly; the velocities change. The BBO solutions
share directly their attributes using the migration models. The migration operator provides BBO with
a good exploitation ability. These differences can make BBO outperform other algorithms (Ma, 2010;
Ma, Simon, Fei, & Chen, 2013; Simon, 2008). It must be pointed out if PSO or ABC are constrained
to discrete space then the next generation will not necessarily be discrete (Ma et al., 2013). However,
this is not true for BBO; if BBO is constrained to a discrete space then the next generation will also be
discrete to the same space. As the authors in (Ma et al., 2013) suggest this indicates that BBO could
perform better than other EAs on combinatorial optimization problems, which makes BBO suitable for
application to the PTS problem. The main computational cost of EAs is in the evaluation of the objective function. The BBO mechanism is simple, like that of PSO and ABC. Therefore, for most problems,
the computational cost of BBO and other EAs will be the same since it will be dominated by objective
function evaluation (Ma, 2010). More details about the BBO algorithm can be found in (Ma et al., 2013;
Simon, 2008).

BIOGEOGRAPHY-BASED OPTIMIZATION ALGORITHM
Therefore, a solution to a D-dimensional problem can be represented as a vector of SIV variables
[ SIV1 , SIV2 ,...........SIVD ] , which is a habitat or island. The value of HSI of a habitat is the value of the
objective function that corresponds to that solution and it is found by

HSI = F ( habitat ) = F ( SIV1 , SIV2 ,.....SIVD )
Habitats with a high HSI are good solutions of the objective function, while poor solutions are those
habitats with a low HSI. The habitats with high HSI are those that have large population and high emigration rate µ . For these habitats, the immigration rate λ is low. The immigration and emigration rates

951

15 more pages are available in the full version of this document, which may
be purchased using the "Add to Cart" button on the publisher's webpage:
www.igi-global.com/chapter/application-of-biogeography-based-optimizationto-antennas-and-wireless-communications/260242

Related Content
Towards a Methodology for Semantic and Context-Aware Mobile Learning
Fayrouz Soualah-Alila, Christophe Nicolle and Florence Mendes (2015). Encyclopedia of Information
Science and Technology, Third Edition (pp. 5847-5855).
www.irma-international.org/chapter/towards-a-methodology-for-semantic-and-context-aware-mobile-learning/113041

A Study of Sub-Pattern Approach in 2D Shape Recognition Using the PCA and Ridgelet PCA
Muzameel Ahmed and V.N. Manjunath Aradhya (2016). International Journal of Rough Sets and Data
Analysis (pp. 10-31).
www.irma-international.org/article/a-study-of-sub-pattern-approach-in-2d-shape-recognition-using-the-pca-and-ridgeletpca/150462

An Optimization Model for the Identification of Temperature in Intelligent Building
ZhenYa Zhang, HongMei Cheng and ShuGuang Zhang (2013). Interdisciplinary Advances in Information
Technology Research (pp. 116-124).
www.irma-international.org/chapter/optimization-model-identification-temperature-intelligent/74536

An Efficient Random Valued Impulse Noise Suppression Technique Using Artificial Neural
Network and Non-Local Mean Filter
Bibekananda Jena, Punyaban Patel and G.R. Sinha (2018). International Journal of Rough Sets and Data
Analysis (pp. 148-163).
www.irma-international.org/article/an-efficient-random-valued-impulse-noise-suppression-technique-using-artificialneural-network-and-non-local-mean-filter/197385

Design of a Migrating Crawler Based on a Novel URL Scheduling Mechanism using AHP
Deepika Punj and Ashutosh Dixit (2017). International Journal of Rough Sets and Data Analysis (pp. 95110).
www.irma-international.org/article/design-of-a-migrating-crawler-based-on-a-novel-url-scheduling-mechanism-usingahp/169176

