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Abstract

This research examines the impact of computer-
mediated communication, distributed communi-
cation, and knowledge of prior baseline behavior 
on an individual’s propensity to make veracity 
judgments. This study found that more detec-
tion confidence can come from knowledge of a 
person’s prior baseline behavior, being proximally 
located, the type of communication media used, 
and perceived relational closeness. These fac-
tors indirectly lead to less deception detection 
through more detection confidence and reliance 
on the truth bias, a fundamental belief in the 

truthfulness of others, even in a compute- medi-
ated environment.

Introduction

Today’s firms are relying more on non-traditional 
communication media such as e-mail, voicemail, 
and virtual meetings (Burke and Chidambaram, 
1999; Guicking, Tandler and Grasse, 2008; Hoff-
man and Novak, 1996). In a globalized work 
environment, these types of communication 
media are important to quality decision-making 
(Fjermestad, 2005). However, a question arises 
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as to whether the use of these communication 
media, together with distributed information 
sources, may mitigate an individual’s ability to 
detect deception. Deception is a regular part of 
daily communicative interaction (DePaulo and 
Kashy, 1998), accounting for 26-33% of daily 
social interactions (DePaulo, Kashy, Kirkendol, 
Wyer and Epstein, 1996; Hancock, Thom-Santelli 
and Ritchie, 2004). As computer-mediated com-
munication use continues to spread, the ability 
to detect deception using lean communication 
media will be increasingly important in the 
workplace.

Research in the area of deception detection 
over distributed media has not been widespread. 
While individual research streams such as media 
richness, computer-mediated communication, 
and deception detection have extensive bodies 
of literature, the intersection of these streams 
has scarcely been examined (George and Marett, 
2005). For example, deception detection research 
has focused on techniques such as training to 
recognize deceptive cues (Feeley and Young, 
1998; Ekman and O’Sullivan, 1991), and suspicion 
arousal (Stiff and Miller, 1986) to increase face-
to-face deception detection rates. Face-to-face 
deceptive cues such as greater pupil dilation, more 
blinking, decreased response length, more speech 
errors and hesitations, greater voice pitch, more 
negative statements, and more irrelevant infor-
mation (Feeley and Young, 1998) are of limited 
applicability to deception detection in computer-
mediated or distributed environments. 

Similarly, the ability to detect deception be-
tween communication partners is widely believed 
to be related to the type of personal relationship 
that exists between them (Feeley and Young, 
1998). Past research in the area of deception detec-
tion has mainly focused on individuals who are 
either strangers or intimate partners (Anderson, 
Ansfield, and DePaulo, 1997). However, working 
relationships typified by high levels of familiarity 
but low levels of intimacy, have been largely ig-
nored. The relationship between partners impacts 

deception detection rates because of a fundamental 
assumption that their partner is being truthful. 
This fundamental assumption of truthfulness is 
often referred to as the truth bias (McCornack 
and Parks, 1986). 

The purpose of this study is to investigate the 
effects of differing contextual factors on deception 
detection confidence and the relationship between 
confidence and truth bias. More specifically, this 
study will contribute to existing IS literature by 
examining the effects of working relationships, 
computer-mediated communication, and distrib-
uted environments within the context of deception 
detection. The next section of the paper presents 
the theoretical background for the study, including 
a research model and hypotheses. This is followed 
by a discussion of the research method, findings, 
and implications for research and practice.

Theoretical Background

Research surrounding deception detection has 
focused on detection skills of observers (Brandt, 
Miller, and Hocking, 1982), conversational task 
demands (Burgoon and Newton, 1991), honesty 
judgments (Fiedler and Walka, 1993), the influence 
of relational closeness (Anderson et al., 1997), 
environmental influence (Storms, 1973), observer 
ability to detect deception (Buller, Strzyzewski, 
and Hunsaker, 1991), and the impact of suspicion 
on detection accuracy (Buller, Strzyzewski, and 
Comstock, 1991). Findings have shown that indi-
viduals have significant difficulty discerning truth 
from deception. Deception detection rates have 
been shown to range from 55% to 60% (Feeley 
and Young, 1998). However, other studies have 
found that deception detection rates may be as 
low as 35-40%, while truth detection rates have 
ranged from 70-80% (Levine, McCornack, and 
Park, 1998). It is important to note that deception 
detection and truth detection, correctly identifying 
lies as lies and truths as truths respectively, vary 
in overall task difficulty.



 

 

23 more pages are available in the full version of this document, which may

be purchased using the "Add to Cart" button on the publisher's webpage:

www.igi-global.com/chapter/distributed-deception-investigation-effectiveness-

deceptive/22363

Related Content

ICT for Development in Nigeria: Towards an Alignment With ICT4D 2.0 Goals
Olumide B. Longe, Adefolarin A. Bolajiand Richard Boateng (2017). Sustainable ICT Adoption and

Integration for Socio-Economic Development (pp. 200-213).

www.irma-international.org/chapter/ict-for-development-in-nigeria/179525

Understanding Information Security Behaviours of Tanzanian Government Employees: A Health

Belief Model Perspective
Daniel Ntabagi Koloseni, Chong Yee Leeand Ming-Lee Gan (2019). International Journal of Technology

and Human Interaction (pp. 15-32).

www.irma-international.org/article/understanding-information-security-behaviours-of-tanzanian-government-

employees/214928

Trust and Member Satisfaction in a Developing Virtual Organization: The Roles of Leader

Contact and Experience with Technology
Justin M. Taylor, Alecia M. Santuzziand Derrick L. Cogburn (2013). International Journal of Social and

Organizational Dynamics in IT (pp. 32-46).

www.irma-international.org/article/trust-member-satisfaction-developing-virtual/76946

A Machine Learning-Based Lexicon Approach for Sentiment Analysis
Tirath Prasad Sahuand Sarang Khandekar (2020). International Journal of Technology and Human

Interaction (pp. 8-22).

www.irma-international.org/article/a-machine-learning-based-lexicon-approach-for-sentiment-analysis/247034

Sentiment Analysis with Text Mining in Contexts of Big Data
Carina Sofia Andradeand Maribel Yasmina Santos (2017). International Journal of Technology and Human

Interaction (pp. 47-67).

www.irma-international.org/article/sentiment-analysis-with-text-mining-in-contexts-of-big-data/181660

http://www.igi-global.com/chapter/distributed-deception-investigation-effectiveness-deceptive/22363
http://www.igi-global.com/chapter/distributed-deception-investigation-effectiveness-deceptive/22363
http://www.irma-international.org/chapter/ict-for-development-in-nigeria/179525
http://www.irma-international.org/article/understanding-information-security-behaviours-of-tanzanian-government-employees/214928
http://www.irma-international.org/article/understanding-information-security-behaviours-of-tanzanian-government-employees/214928
http://www.irma-international.org/article/trust-member-satisfaction-developing-virtual/76946
http://www.irma-international.org/article/a-machine-learning-based-lexicon-approach-for-sentiment-analysis/247034
http://www.irma-international.org/article/sentiment-analysis-with-text-mining-in-contexts-of-big-data/181660

