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INTRODUCTION

Trend detection has been studied by research-
ers in many fields, such as statistics, economy, 
finance, information science, and computer sci-
ence (Basseville & Nikiforov, 1993; Chen, 2004; 
Del Negro, 2001). Trend detection studies can be 
divided into two broad categories. At technical 
levels, the focus is on detecting and tracking 
emerging trends based on dedicated algorithms; 
at decision making and management levels, the 
focus is on the process in which algorithmically 
identified temporal patterns can be translated into 
elements of a decision making process. 

Much of the work is concentrated in the first 
category, primarily focusing on the efficiency and 
effectiveness from an algorithmic perspective. In 
contrast, relatively fewer studies in the literature 
have addressed the role of human perceptual and 
cognitive system in interpreting and utilizing 
algorithmically detected trends and changes in 
their own working environments. In particular, 
human factors have not been adequately taken 
into account; trend detection and tracking, es-
pecially in text document processing and more 
recent emerging application areas, has not been 
studied as integral part of decision-making and 
related activities. However, rapidly growing tech-
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nology, and research in the field of human-com-
puter interaction has opened vast and, certainly, 
thought-provoking possibilities for incorporating 
usability and heuristic design into the areas of 
trend detection and tracking.   

BACKGROUND

In this section, we briefly review trend detection 
and its dependence on time and context, topic 
detection and tracking, supported by instances of 
their impact in diverse fields, and the emerging 
trend detection especially for text data.   

Trend Detection

A trend is typically defined as a continuous change 
of a variable over a period of time, for example, 
unemployment numbers increase as the economy 
enters a cycle of recession. Trend detection, in 
general, and topic detection techniques are groups 
of algorithmic tools designated to identify signifi-
cant changes of quantitative metrics of underlying 
phenomena. The goal of detection is to enable users 
to identify the presence of such trends based on 
a spectrum of monitored variables. The response 
time of a detection technique can be measured by 
the time duration of the available input data and 
the identifiable trend; it is dependent on specific 
application domains. For example, anti-terror-
ism and national security may require highly 
responsive trend detection and change detection 
capabilities, whereas geological and astronomical 
applications require long-range detection tools. 
Other applications of this technology exist in the 
fields of business and medicine. 

Much research has been done in the field of 
information retrieval, automatically grouping 
(clustering) documents, performing automated 
text summarization, and automatically labeling 
groups of documents.

Policymakers and investigators are, obviously, 
eager to know if there are ways that can reliably 
predict each turn in the economy. Economists 
have developed a wide variety of techniques to 
detect and monitor changes in economic activi-
ties. The concept of business cycles is defined as 
fluctuations in the aggregate economic activities 
of a nation. A business cycle includes a period of 
expansion, followed by recessions, contractions, 
and revivals. Three important characteristics 
are used when identifying a recession: duration, 
depth, and diffusion — the three Ds. A recession 
has to be long enough, from a year to 10 years; 
a recession has to be bad enough, involving a 
substantial decline in output; and a recession has 
to be broad enough, affecting several sectors of 
the economy. 

Topic Detection and Tracking

Topic Detection and Tracking (TDT) is a sub-field 
primarily rooted in information retrieval. TDT 
aims to develop and evaluate technologies required 
to segment, detect, and track topical information 
in a stream consisting of news stories. TDT has 
five major task groups: (1) story segmentation, 
(2) topic detection, (3) topic tracking, (4) first 
story detection, and (5) story link detection. 
Topic detection focuses on discovering previously 
unseen topics, whereas topic tracking focuses on 
monitoring stories known to a TDT system. First 
story detection (FSD) aims to detect the first ap-
pearance of a new story in a time series of news 
associated with an event. Roy, Gevry, and Pot-
tenger (2002) presented methodologies for trend 
detection. Kontostathis, Galitsky, Roy, Pottenger, 
and Phelps (2003) gave a comprehensive survey 
of emerging trend detection in textual data min-
ing in terms of four distinct aspects: (1) input 
data and attributes, (2) learning algorithms, (3) 
visualization, and (4) evaluation. 



 

 

7 more pages are available in the full version of this document, which may be

purchased using the "Add to Cart" button on the publisher's webpage:

www.igi-global.com/chapter/human-factors-development-trend-

detection/22341

Related Content

Computer Mediated Communication in Universities and Further Education Establishments: A

Comparison of Use and Utility
Elayne Coakesand Dianne Willis (2002). Human Factors in Information Systems (pp. 296-308).

www.irma-international.org/chapter/computer-mediated-communication-universities-further/22448

A Semantic Learning Objects Authoring Tool
F. J. García, A. J. Berlangaand J. García (2006). Encyclopedia of Human Computer Interaction (pp. 504-

510).

www.irma-international.org/chapter/semantic-learning-objects-authoring-tool/13166

Cultural Problems in Applying SSM for IS Development
Trevor T. Mooresand Frank H. Gregory (2002). Human Factors in Information Systems (pp. 104-116).

www.irma-international.org/chapter/cultural-problems-applying-ssm-development/22435

Public Sentiment on Ayodhya Verdict by the Supreme Court of India: A Temporal Analysis on

Twitter Data
Geetanjali Sahi (2022). International Journal of Information Communication Technologies and Human

Development (pp. 1-17).

www.irma-international.org/article/public-sentiment-on-ayodhya-verdict-by-the-supreme-court-of-india/295561

Sustainability, Corporate Social Responsibility, and Corporate Reputation in the Wine Sector: A

Key Performance Indicator Framework Model
Barbara Iannone (2018). International Journal of Applied Behavioral Economics (pp. 47-68).

www.irma-international.org/article/sustainability-corporate-social-responsibility-and-corporate-reputation-in-the-wine-

sector/205535

http://www.igi-global.com/chapter/human-factors-development-trend-detection/22341
http://www.igi-global.com/chapter/human-factors-development-trend-detection/22341
http://www.irma-international.org/chapter/computer-mediated-communication-universities-further/22448
http://www.irma-international.org/chapter/semantic-learning-objects-authoring-tool/13166
http://www.irma-international.org/chapter/cultural-problems-applying-ssm-development/22435
http://www.irma-international.org/article/public-sentiment-on-ayodhya-verdict-by-the-supreme-court-of-india/295561
http://www.irma-international.org/article/sustainability-corporate-social-responsibility-and-corporate-reputation-in-the-wine-sector/205535
http://www.irma-international.org/article/sustainability-corporate-social-responsibility-and-corporate-reputation-in-the-wine-sector/205535

