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ABSTRACT

Big data analytics in recent years had developed lightning fast applications that deal with predictive
analysis of huge volumes of data in domains of finance, health, weather, travel, marketing and more.
Business analysts take their decisions using the statistical analysis of the available data pulled in from
social media, user surveys, blogs and internet resources. Customer sentiment has to be taken into ac-
count for designing, launching and pricing a product to be inducted into the market and the emotions
of the consumers changes and is influenced by several tangible and intangible factors. The possibility
of using Big data analytics to present data in a quickly viewable format giving different perspectives
of the same data is appreciated in the field of finance and health, where the advent of decision support
system is possible in all aspects of their working. Cognitive computing and artificial intelligence are
making big data analytical algorithms to think more on their own, leading to come out with Big data
agents with their own functionalities.

INTRODUCTION

Due to the substantial scale evolution of structured, semi-structured, unstructured data, it has become a
challenge for traditional storage systems and analytics tools. To unlock the great potential of the hetero-
geneous natured big data, advanced predictive analytics tools are the need of the era (Lohr, 2012) and
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(Waller, 2013). The data sources are highly scattered and are continuously generating huge data sets
through transactions, clickstreams, surveillance, sensors and communication technologies (Tsai et.al,
2015). Predictive analytics for big data is an exponentially growing area of research today and the need
of the hour for efficient analysis, management and faster real time utilization of both the stored data as
well as real time data that are generated (Lohr, 2012). Predictive analysis is the advanced branch of data
engineering that is concerned with predicting the outcome of events based on the analysis of historical
data by applying sophisticated techniques of machine learning and regression (Ratner B., 2011) and
(Mishra N., & Silakari S., 2012). Prediction is closely related to probability, the futuristic outcomes of
certain events can be determined based on the analysis of historical and present data sets (Zaman and
Mukhles, 2005). The current trends and patterns in the data sets are explored and after thorough analysis;
the results are used to predict the outcomes of the future events.

Due to the vastness of the data sets, several important characteristics of information associated with
the data, that could have been leveraged for productive applications often tend to remain unexplored
and go to waste (Cao et.al, 2014), to prevent such loss, predictive analytics has a great role to play in the
process. Analyzing data, discovering familiar patterns, deriving meaning from the patterns, formulat-
ing decisions and ultimately responding to the needs intelligently is the is the ideal goal of predictive
analytics for big data. Today, businesses apply predictive analytics (forecasting, hypothesis testing, risk
modeling, propensity modeling) in their working environment to increase involvement with their cus-
tomers, reduce operational costs, and optimize processes involved and other numerous advantages that
it offers (Tsai et.al, 2015). Figure 1 depicts the overall organization of the chapter.

The predictor variable is the measurable variable for the entity. In other words, a predictor is a feature
selected to be used as an input to a classification model (Jain et.al, 1999). A predictor can take four type
of values-continuous, which consists of floating point or numerical magnitude values, categorical, for
example Boolean values, word-like or text-like. Combining and integrating several predictor variables
can result in a predictive model that can be used to make the required future forecasts within a certain
level of reliability.

Predictive analytics has a heavy application in business environments (Banjade & Maharjan, 2011),
(Chen et.al, 2012) and (Waller & Fawcett, 2013), as it associations commercial awareness with statis-
tical and analytics techniques to better understand customers, products (Banjade & Maharjan, 2011),
and partners and to identify potential opportunities and decrease the chances of risks for the company.

Figure 1. Predictive analysis process overview

Data Visualization
Analytics

Predictive Cm
Analytics Formulation
Big Dta
oo ( )
Prediction

Regression

L Lincar Regression
= Discreet Choice Models

L LOgistic Regression

|- Multibomial Logistic Regression
|- Probit Reg

- LoOgit Vs Probit

== Time Series Model

= Survival or Duration Analysis
—»Classification or Regression Trees

Neural Networks

Multilayer Perception (MLP)
Radial Basis Functions
Svm

Naive Bayes

K-nearest Neighbours

746



22 more pages are available in the full version of this document, which may
be purchased using the "Add to Cart" button on the publisher's webpage:
www.igi-global.com/chapter/predictive-analysis-for-digital-marketing-using-
big-data/217861

Related Content

Improved Yolov5 and Image Morphology Processing Based on UAV Platform for Dike Health
Inspection

Wei Ma, Pei Chang Zhang, Lei Huang, Jun Wei Zhu, Yu Tao Lian, Jie Xiongand Fan Jin (2023).
International Journal of Web Services Research (pp. 1-13).
www.irma-international.org/article/improved-yolov5-and-image-morphology-processing-based-on-uav-platform-for-dike-
health-inspection/328072

RAWS & UWAS: Reflective and Adaptable Web Services Running on the Universal Web
Application Server

Javier Parra-Fuente, Salvador Sanchez-Alonsoand Marta Fernandez-Alarcén (2007). Modern Technologies
in Web Services Research (pp. 122-146).
www.irma-international.org/chapter/raws-uwas-reflective-adaptable-web/26916

Data Science and Big Data Analytics in Financial Services: A Case Study

Suren Behari, Aileen Cater-Steeland Jeffrey Soar (2019). Web Services: Concepts, Methodologies, Tools,
and Applications (pp. 1301-1329).
www.irma-international.org/chapter/data-science-and-big-data-analytics-in-financial-services/217888

Service Portfolio Measurement: Evaluating Financial Performance of Service-Oriented Business

Processes
Jan Vom Brocke (2007). International Journal of Web Services Research (pp. 1-32).

www.irma-international.org/article/service-portfolio-measurement/3097

Managing Granularity in Design and Implementation of Geospatial Web Services
Elias Z. K. loupand John T. Sample (2011). Geospatial Web Services: Advances in Information
Interoperability (pp. 18-35).
www.irma-international.org/chapter/managing-granularity-design-implementation-geospatial/51481



http://www.igi-global.com/chapter/predictive-analysis-for-digital-marketing-using-big-data/217861
http://www.igi-global.com/chapter/predictive-analysis-for-digital-marketing-using-big-data/217861
http://www.irma-international.org/article/improved-yolov5-and-image-morphology-processing-based-on-uav-platform-for-dike-health-inspection/328072
http://www.irma-international.org/article/improved-yolov5-and-image-morphology-processing-based-on-uav-platform-for-dike-health-inspection/328072
http://www.irma-international.org/chapter/raws-uwas-reflective-adaptable-web/26916
http://www.irma-international.org/chapter/data-science-and-big-data-analytics-in-financial-services/217888
http://www.irma-international.org/article/service-portfolio-measurement/3097
http://www.irma-international.org/chapter/managing-granularity-design-implementation-geospatial/51481

