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ABSTRACT

This chapter examines the similarities and differences between big data and knowledge management.
Big data has relatively little conceptual development, at least from a strategy and management perspec-
tive. Knowledge management has a lengthy literature and decades of practice but has always explicitly
focused only on knowledge assets as opposed to precursors like data and information. Even so, there
are considerable opportunities for cross-fertilization. Consequently, this chapter considers data from
McKinsey Global Strategies on data holdings, by industry, and contrasts that with data on knowledge
development, essentially the intangible assets found in the same industries. Using what we know about
the variables influencing the application of intangible assets such as knowledge and intelligence, we can
then better identify where successful employment of big data might take place. Further, we can identify
specific variables with the potential to grant competitive advantage from the application of big data and
business analytics.

INTRODUCTION

The growth of interest in big data has prompted both enthusiasm and skepticism. The advent of huge
databases and the cheap computing power allowing storage and analysis promises substantial oppor-
tunities, and so the enthusiasm. But the opportunities won’t accrue by themselves, there needs to be a
structure for analysis and action. Hence the skepticism. Data and insight need to be paired in order to
reap the full potential of analytics.
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Data, Information, and Knowledge

In addressing this dichotomy, it can be useful to view big data as part of a range of intangible assets
of the organization. Placing it squarely within existing theory, empirical results we have on big data and
other intangible assets allows us to more carefully examine how it might be effectively employed by
organizations. Further, these existing results can be discussed in the context of structures and tools that
have successfully been applied to intangible assets, including knowledge management and competitive
intelligence, bringing already identified success factors into the discussion. The result will include more
specific guidance for organizations moving into big data, business analytics, and business intelligence.

BACKGROUND

The idea that intangible assets exist and may have something to contribute to the success of organi-
zations is long-standing. Schumpeter’s (1934) innovation work suggested that new ideas come from
less tangible inputs of the firm. Nelson and Winter’s (1982) evolutionary theory suggested that better
management of such intangibles could lead to competitive advantage. This conceptualization fits nicely
with the resource-based theory of the firm (Wernerfelt, 1984), and, thus, it was a short step to the con-
clusion that intangibles might be a key resource granting unique, sustainable advantage. And with some
additional definitional development, intangibles became equated with organizational knowledge, and
the knowledge-based theory of the firm was suggested (Teece, 1998; Grant, 1996). Knowledge workers
(Drucker, 1991) were a key to organizational success and effective means of measuring and managing
knowledge assets could be an explicit strategy for gaining such success.

The definitional step was not a large one, as a fairly lengthy literature also exists in the knowledge
management (KM) field characterizing the nature of the assets. Indeed, Ackoff’s (1989) DIKW (data,
information, knowledge, wisdom) hierarchy permeates the field. Purposeful definitions distinguished
data (observations) from information (data in context) and knowledge (information subjected to experi-
ence and reflection) (Zack, 1999). This is a key distinction as the value suggested by most KM work
comes from the knowledge, the know-how built up over time that can then be used by the creator, shared
with others, and/or captured by the organization. Data and information, while important precursors of
knowledge, don’t necessarily have any value in and of themselves in the traditional KM view. Some
trends are now present that suggest an expanded interpretation of what intangibles are of value, which
we’ll discuss shortly.

Before that, let’s capture some of the mainstream thinking about knowledge management and its
companion discipline, intellectual capital. As noted, everything begins with an acceptance that intan-
gible assets, particularly knowledge, have value. As such, organizations have an interest in measuring
and managing such a valuable asset. One important aspect of such an approach is better understanding
knowledge, starting with the distinction between tacit (personal, hard to express) and explicit (codifi-
able, easier to share, capable of becoming an organizational asset) knowledge (Polanyi, 1967; Nonaka
& Takeuchi, 1995). The nature of the knowledge is important in dictating how it can be grown, as well
as appropriate techniques for doing so. Nonaka & Takeuchi (1995) captured this dynamic in their SECI
or “ba” framework, laying out the four potential transfers of knowledge (tacit to tacit, tacit to explicit,
explicit to explicit, and explicit to tacit) and the nature of the growth these generate (socialization, ex-
ternalization, combination, internalization).

Further, specific techniques are also associated with the knowledge types, so tacit transfers will usu-
ally involve more personal approaches (mentoring, communities of practice, storytelling) (Choi & Lee,
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