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INTRODUCTION

The existence and significance of cognition in organiza-
tions and its influence on patterns of behaviour in orga-
nizations and organizational outcomes are increasingly
accepted in information systems (IS) research (Barley,
1986; DeSanctis& Poole, 1994; Griffith, 1999; Griffith &
Northcraft, 1996; Orlikowski, 1992, 1994 #208). However,
assessing thecommonality andindividuality incognition
and eliciting the subjective understanding of research
participantseither asindividualsor asgroupsof individu-
alsremain a challenge to IS researchers (Orlikowski &
Gash, 1994). Various methods for studying cognitionin
organizations have been offered - for example, clinical
interviewing (Schein, 1987), focusgroups(K rueger, 1988),
discourse-based interviewing (Odell, Goswami &
Herrington, 1983). This article proposes that cognition
appliedto making senseof I T in organizationscan al so be
explored using Kelly’ s(1955) Personal Construct Theory
and its methodological extension, the Repertory Grid
(RepGrid). The RepGrid can be used in IS research for
uncovering the constructs research participants use to
structure and interpret events relating to the develop-
ment, implementation, use and management of | Sin orga-
nizations.

In the context of this article, cognition is considered
to be synonymous with subjective understanding: “the
everyday common sense and everyday meanings with

which the observed human subjects see themselves and
which gives rise to the behaviour that they manifest in
socially constructed settings” (Lee, 1991, p. 351). Re-
search into cognition in organizations investigates the
subjective understanding of individual members within
theorganizationand thesimilaritiesand differencesinthe
understandings among groups of individuals (Jelinek &
Litterer, 1994; Porac & Thomas, 1989). InlSresearch, itis
the personal constructs managers, users and IS profes-
sionals use to interpret and make sense of information
technology (IT) anditsrolein organizations. Thediscus-
sion here outlinesthe myriad of waysthe RepGrid can be
employedto address specific research objectivesrelating
to subjective understanding and cognition in organiza-
tions. Itillustrates, from avariety of published studiesin
IS(seeTablel), theflexibility of the RepGridto support
both qualitative and/or quantitative analyses of the sub-
jective understandings of research participants.

BACKGROUND

We propose to use aframework to facilitate this discus-
sion (see Figure 1) that presents atwo-dimensional view
of the types of research using the repertory grid. The
examplesin Table 1 are mapped along these two dimen-
sions.

Figure 1. Distinguishing research using the repertory grid
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Theory-Focused vs. Method-Focused

On one dimension, we distinguish research that applies
Kelly’s(1955) personal construct theory (theory-focused)
from those applying the repertory grid method, without
delving into the conceptual underpinnings of the theory
(method-focused). When introduced some 45 years ago,
therepertory gridtechnique served asthe methodol ogical
extension of the personal construct theory. It
operationalizes key aspects of Kelly’s fundamental pos-
tulate and corollaries. IS researchers interested in the
subjective understandings of individuals will find the
repertory grid apowerful tool that permitsthestudy of the
individual’s construct system and providesricher cogni-
tive insights into research findings. For example, Latta
and Swigger (1992) validated the use of therepertory grid
for representing commonality of construing among par-
ticipants regarding the design of intelligent user inter-
faces. The study lent strong support to the commonality
corollary in grids, which can be confidently used to
represent a consensus of knowledge around a problem
domain. Hunter (1997) used the laddering technique to
elicit what Kelly termed as super-ordinate constructs —
constructs that are core to the individual’s system of
interpretation.

Incontrast, thereisresearchthat hasaccepted Kelly’s
theory and employed the repertory grid solely as a data
gathering technique. These works have employed the
utility of the technique purely for its methodological
strengths. Stewart and Stewart (1981) suggest, “At its
simplest, Grids provide a way of doing research into
problems—any problems—in amore precise, less biased
way than any other research method” (pp. vii). These
authors further contend that the repertory grid “....en-
ablesonetointerview someoneindetail, extracting agood
deal of information ... andtodothisinsuchaway that the
input from the observer isreduced to zero” (p. 5). Two of
the examplesin Table 1 have taken the method-focused
approach to the use of the repertory grid technique. For
instance, Moynihan (1996) waspurely interestedinusing
the repertory grid technique to collect data and to com-
pare the results with the extant literature. Moynihan
argued that the free-ranging responsesresulting from the
non-prohibitive nature of the technique permitted the
participants to apply the “theories-of-action” (theories
individuals useto guidetheir actions) they employ daily
—resulting intheidentification of themesand issuesover
and abovetheextant literature. Inthe studiesby Phythian
andKing (1992), therepertory grid wasused to explorethe
similarity and differencesintheviewsbetweenindividual
managers. No direct references were made to Kelly's
personal construct theory, as the focus was to identify
key factorsinfluencing tender decisionsandtherelation-
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shipsamong these factors by interviewing two managers
closely involved in such tender activities.

Qualitative vs. Quantitative

On the second dimension, we distinguish research that is
either qualitative or quantitative. The identification of
emerging themesfromelicited constructsiscommonina
qualitative approach using the repertory grid. For ex-
ample, Hunter (1997), when investigating how certain
groups of individualsinterpreted the qualities of “excel-
lent” systems analysts, employed content analysis of the
data gathered from individual interviews conducted us-
ingtherepertory gridtechnique. The numeric component
of thegrid wasonly employed to conduct visual focusing
at theend of each interview asameans of quickly assess-
ingwhat had transpired during theinterview and whether
the research participant agreed with this initial assess-
ment. Similarly, Moynihan (1996) employedtherepertory
grid technique as a method to elicit interpretations from
research participants of what aspects were considered
important when deciding upon an approach to adopt for
projectsto be conducted for external clients. Uniquegrids
were developed for each research participant. Then the
data were analyzed from a qualitative perspective via
content analysis at the construct level, where emerging
themeswereidentified and categorized. Intheseexamples,
the researcherstook an open view toward gathering data
and allowed themes or categoriesto emergefromthe data
as the investigation proceeded.

In contrast, the quantitative approach utilizes math-
ematical and/or statistical analysesof grid data(Daniels,
Markoczy & de Chernatony, 1994). Thesetechniquesare
commonly used to explorethe structure and content of an
individual’s construct systems or make comparisons be-
tween groups of individuals (Ginsberg, 1989). This ap-
proach wasadopted by two of theexamplesin Table 1. For
instance, in Phythian and King (1992), statistical analyses
(specifically, cluster analysis and correlation analysis)
wereconducted onindividual and combined grids. These
data were used to support the development of an expert
support system. Similarly, Lattaand Swigger (1992) ap-
plied cluster analysisand Spearman’ srank order correla-
tion to analyze the grids. The study revealed an overall
correlation between the students’ and the instructor’'s
grids, promoting theutility of therepertory grid technique
in modeling knowledgerelating to the design of informa-
tion systems.

Idiographic vs. Nomothetic

Within both the qualitative and quantitative perspec-
tives, research using therepertory grid techniqueiseither
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