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ABSTRACT

It is known that big data has penetrated several if not all spheres of life. In higher 
education, the ability to take these large amounts of data and process it into 
something meaningful for academic decision making is commonly referred to as 
learning analytics. This chapter provides an overview of learning analytics and 
its importance, as well as identifying academic data sources, techniques used for 
learning analytics and prediction, and data visualisation techniques used to present 
analysis for better understanding and eventual decision making. It also includes 
a discussion of learning analytics frameworks for research and some identified 
research challenges.

INTRODUCTION

According to the South African Council on Higher Education, one of the key objectives 
of higher education institutions in South Africa is to produce quality students with 
good knowledge of a particular subject to enable them to perform competently in the 
working world (CHE, 2013). Over the past two decades, it has become increasingly 
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important to accomplish this objective with the use of technology. The availability 
and advancement in mobile technologies, digital storage, and data processing allow 
students to easily capture, record, view and interact with course content from any 
location (Gikas & Grant, 2013; Lai & Hong, 2015). Over the past decade, students 
are opting for digital textbooks (Lewin, 2009; Rockinson-Szapkiw, Courduff, Carter, 
& Bennett, 2013) while communication with peers and teachers are done through 
social media applications, communication applications, and learning management 
systems (Morreale, Staley, Stavrositu, & Krakowiak, 2015).

While technology and social media networks are effective tools to use in higher 
education, some research has found that learning can be adversely affected when 
students use this technology for social and entertainment purposes rather than 
what it was meant for (Douglas, Angel, & Bethany, 2012; McCoy, 2016). Studies 
by Linden (2008) and McCoy (2016) have shown that the use of technology does 
not necessarily lead to significant improvement in student performance. From an 
academic perspective, technology implementation can result in not only an increase in 
administrative overhead but also multiple teaching approaches to consider (Gregory 
& Lodge, 2015).

There are several factors that contribute towards student performance including 
pre-requisite achievements, past academic performance (both in secondary schooling 
and tertiary institutions), competency in and use of tools and technologies, time 
spent on Learning Management Systems and other course resources (Avcı & Ergün, 
2019; Geiser & Santelices, 2007; Nwosu, John, Izang, & Akorede, 2018). With the 
increased reliance on technology in the academic environment, an additional avenue 
has become available to monitor and regulate student progress in order to ensure 
the continuous improvement of student academic performance.

South Africa is facing a situation where there is a continuous increase in student 
intake at Universities while the available resources are stagnant (Badat, 2016; 
Benvenuti & Cohen, 2008). This lack of sufficient resources makes the ability to 
physically monitor student academic activities and performance difficult. One way 
of accomplishing the monitoring of student performance is through the analysis of 
data from several sources such as attendance registers, learning management system 
logs, student biographical data and students’ previous test results, to name a few. 
However, the vast amount of data generated in isolation, which is kept mainly for 
record purposes, is not used optimally by the relevant decision makers (Daniel, 2015). 
The objective of learning analytics applications is to integrate these data sources, 
allowing for better analysis of the data, leading to better decision making for both 
teachers and students. Learning analytics, according to Siemens and Long (2011), 
is defined as the collection, analysis and reporting of student data (as well as its 
context) with the intention of understanding and improving the student’s academic 
environment and the learning that occurs within said environment.



 

 

32 more pages are available in the full version of this

document, which may be purchased using the "Add to Cart"

button on the publisher's webpage: www.igi-

global.com/chapter/learning-analytics-in-higher-

education/264351

Related Content

A Critical Evaluation on Programming Paradigms to Achieve Optimal

Resource Utilization of Mobile Softwares in Mobile Devices
Selvakumar Samueland Arangasamy Kovalan (2014). International Journal of

Innovation in the Digital Economy (pp. 50-59).

www.irma-international.org/article/a-critical-evaluation-on-programming-paradigms-to-achieve-

optimal-resource-utilization-of-mobile-softwares-in-mobile-devices/106559

FPGA Implementation of Fast and Efficient CODEC for H.264/AVC Real

Time Video Applications
Yasser Ismail (2016). International Journal of Technology Diffusion (pp. 32-52).

www.irma-international.org/article/fpga-implementation-of-fast-and-efficient-codec-for-h264avc-

real-time-video-applications/149885

Digital Higher Education in Bangladesh: Challenges and Prospects
M. Mahruf C. Shohel, Md. Ashrafuzzaman, Sariya Shabnam, G. M. Rakibul Islam,

Nazia Tasnimand Sumaya Rahman Mitu (2024). Accessibility of Digital Higher

Education in the Global South (pp. 132-167).

www.irma-international.org/chapter/digital-higher-education-in-bangladesh/334636

Users’ Involvement in the Innovation Process through Web 2.0: A

Framework for Involvement Analysis in a Brazilian Automotive Company
Sergio Ricardo Maziniand José Alcides Gobbo (2013). Cases on Web 2.0 in

Developing Countries: Studies on Implementation, Application, and Use  (pp. 222-

255).

www.irma-international.org/chapter/users-involvement-innovation-process-through/73060

Conceptualizing a Contextual Measurement for Digital Divide/s: Using an

Integrated Narrative
Karine Barzilai-Nahon, Ricardo Gomezand Rucha Ambikar (2010). Handbook of

Research on Overcoming Digital Divides: Constructing an Equitable and Competitive

Information Society  (pp. 630-644).

www.irma-international.org/chapter/conceptualizing-contextual-measurement-digital-

divide/38341

http://www.igi-global.com/chapter/learning-analytics-in-higher-education/264351
http://www.igi-global.com/chapter/learning-analytics-in-higher-education/264351
http://www.igi-global.com/chapter/learning-analytics-in-higher-education/264351
http://www.irma-international.org/article/a-critical-evaluation-on-programming-paradigms-to-achieve-optimal-resource-utilization-of-mobile-softwares-in-mobile-devices/106559
http://www.irma-international.org/article/a-critical-evaluation-on-programming-paradigms-to-achieve-optimal-resource-utilization-of-mobile-softwares-in-mobile-devices/106559
http://www.irma-international.org/article/fpga-implementation-of-fast-and-efficient-codec-for-h264avc-real-time-video-applications/149885
http://www.irma-international.org/article/fpga-implementation-of-fast-and-efficient-codec-for-h264avc-real-time-video-applications/149885
http://www.irma-international.org/chapter/digital-higher-education-in-bangladesh/334636
http://www.irma-international.org/chapter/users-involvement-innovation-process-through/73060
http://www.irma-international.org/chapter/conceptualizing-contextual-measurement-digital-divide/38341
http://www.irma-international.org/chapter/conceptualizing-contextual-measurement-digital-divide/38341

