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ABSTRACT

eHealthofferspromisingtoolsandservicestomanageandimprovethequalityofhealthaswellas
thepotentialtoprovideaccessiblehealthinformationallovertheworld.Therelativelylowadoption
ratesamongeHealthusersmotivatesustodevelopanintegratedmodeltoexplainthelearningprocess
andprovideessentialantecedentsofeHealthbehavioralintention.Theintegratedmodelisempirically
testedbyusingdifferentstructuralequationmodeling(SEM)methods,includingpartialleastsquares
SEM(PLS-SEM),PLSc,andcovariance-basedSEM(CB-SEM).Themodelsuccessfullyexplains
thelearningprocessandprovidesessentialantecedentsofeHealthbehavioralintention.Thefindings
support the interplayof social, cognitive, andpersonal factors that impact18-30-year-oldusers’
learningprocessrelatedtoeHealthbehavioralintention.Theresultsempiricallyshowthatthesethree
typesofSEMtechniquesprovideconsistentresultswithrespecttopathcoefficientsandcoefficients
ofdetermination.ThefindingsindicatethatCB-SEMandPLS-SEMprovideadverseconsequences
ofinteraction-termpathcoefficients.

KEywoRdS
Covariance-based Structural Equation Model, eHealth Behavioral Intention, Partial Least Squares, Social 
Cognitive Theory, Structural Equation Modeling

1. INTRodUCTIoN

Theacquisitionofreal-time,on-demandhealthinformationfromtraditionalhealthchannels(e.g.,
hospitals,clinics,andprimarycarephysicians)iscostlyandinconvenientformosthealthinformation
andserviceseekers(Zhangetal.,2017).Tofulfillhealthinformationneedsinatimelyandconvenient
manner,manyusersareseekinghealthinformationandservicesthroughotherchannels.Internet
venuesofferreal-timeaccessibilityforyounguserstoimmediatelysearchforhealthinformation,
exchangehealthinformationeffectively,andcansimultaneouslyfulfilltheneedsofalargenumber
ofusers(Prybutoketal.,2014).Ingeneral,onlinehealthinformationhasgreatpotentialtoboost
thequalityofpersonalhealthcareandtheuseofpreventivehealthbehaviorsbyusers(Hsieh,2016).

AccordingtotheWorldHealthOrganization(WHO),eHealthisarelativelynewtermreflecting
theadoptionof“informationandcommunicationtechnologies(ICT)forhealth”(WHO,2017).In
otherwords,eHealthinvolvesthedeliveryofhealth-relatedinformationandservicesthroughthe
Internet and related technologies (Prybutok, 2014). Users can access the Internet to learn more
abouttheirhealthissues,obtainabasicknowledgeoftheirdiseasesandtreatments,andgetrelevant
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andreliablehealthinformationwhenmakinghealth-relateddecisions(Zhangetal.,2017).Many
healthpractitionersbuildonlinehealthplatforms that storepatients’health information, suchas
healthinsuranceandelectronicmedicalrecords(EMR).Theonlineplatformallowsmoreefficient
interactionsamonghealthprovidersandusers(Hsieh,2016).Zhangetal.(2017)showedthateHealth
improvestheuser’shealthstatusbyprovidingeffectiveprofessionalandsocialsupporttoimprove
personalhealthmanagementanddecisionmaking.eHealthprovidesaneffectivevenuefortimelyand
on-demandaccesstoonlinehealthresourceswithlittleeffort.WHO(2016)showedthateHealthisa
usefultoolandservicetomanageandimprovethequalityofhealthcareandisapromisingsolution
formakinghealthinformationaccessibleacrosstheworld.Individualsandhealthpractitionersuse
onlinehealthvenuesandservicestocomplementtraditionalfacetofaceandprinthealthinformation
channelsandtoencouragehealthylifestylesorproactivehealthbehaviors(Prybutoketal.,2017).
Thus,eHealthcanbenefitbothindividualsandsocietyasawhole(Yietal.,2013).

AlthougheHealthisapromisingtoolandafuture-orientedsourceofhealthinformationand
communication,onlinehealthinformationvenuesstillhavearelativelylowvisitrate(Zhangetal.,
2017).ThelowintentiontouseeHealthandthepaucityoftherelatedliteratureleadtothenecessityto
buildanintegratedmodeltoexaminehow18-30-year-oldusers’social,cognitive,andpersonalfactors
influenceeHealthBehavioralIntention.Fromapracticalstandpoint,understandingwhyusersadopt
eHealthandhowsuchadoptionisincorporatedintotheirdecision-makingprocessallowshealthcare
practitionerstodevelopeffectivepromotionalstrategiestomaximizeuseradoptionandimprovethe
positiveimpactofeHealthonpersonalhealthmanagement.Furthermore,fromthesocialcognitive
perspective,thisstudyexpectsthatusers’eHealthbehaviorsrelatedtoonlinehealthinformationand
serviceswillbeafunctionoftheusers’cognitivejudgmentabouttheirabilitytoadoptandimplement
activitiesrecommendedbyonlinehealthinformationsourcesandservices.

Thisstudyisthefirsttosimultaneouslyexaminetheeffectsofapersonalmotivationalfactor
(HealthInformationOrientation),acognitivefactor(AttitudetowardeHealth),apersonalskillfactor
(eHealthLiteracy),apersonalbehavioralfactor(OnlineHealthBehavior),andasocialfactor(Need
for Online Social Interaction) on the eHealth Behavioral Intention of 18-30-year-old users. The
constructs,definitions,andsourcesarepresentedinTable1.

TheeHealthliteraturesuggeststhatdisparatefactorsdriveeHealthBehavioralIntentionwith
respecttothepopulationof18-30-year-olds,whoarethemostactivegroupofInternetusers(Pew
Research Center, 2017). Guided by well-established theories including Social Cognitive Theory
(SCT)(Bandura,1986),theTheoryofReasonedAction(TRA)(Ajzen&Fishbein,1980),andthe
TheoryofPlannedBehavior(TPB)(Ajzen,1985),theauthorsdevelopanewmodelcapturingthe
mostimportantantecedentsofeHealthBehavioralIntentionforthispopulation.SCTconsidersthe
social cognitive determinants together with the personal determinants and suggests that learned
experiences, social environment, and behavioral capability are the main driving factors of the
learningprocess(Bandura,1998).TRAandTPBprovidethetheoreticalfoundationfortheproposed
relationshipsamongHealthInformationOrientation,AttitudetowardeHealth,eHealthLiteracy,and
eHealthBehavioralIntention.ThemodelnotonlysubstantiallycontributestotheeHealthliterature
butalsohasvalueforhealthprovidersandeducators.Understandingthehealth-relatedbehaviorsof
18-30-year-oldusersenableshealthinformationprofessionalsandeHealthsystemadministratorsto
improveusers’personalhealthmanagementandtheuseofpreventivehealthmeasuresdeliveredvia
theInternettothisuserpopulation.

Toempiricallytesttheresearchmodel,theauthorssurveyed3,06418-30-year-oldcollegestudents
enrolledatastateuniversityinthesouthwesternareaoftheUnitedStatesand,afterdatacleaning,
analyzed1,432validresponsesusingpartialleastsquaresstructuralequationmodeling(PLS-SEM),
PLSc,andcovariance-basedstructuralequationmodeling(CB-SEM)methods.WhilethePLS-SEM
approachseekstomaximizetheexplainedvariancevalueR2oftheendogenous(dependent)latent
constructsusingaregression-basedordinaryleastsquaresestimation,theCB-SEMapproachusesa
maximumlikelihoodestimationtoreproducethetheoreticalcovariancematrix(Hair,Hult,Ringle,
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