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To Evaluate or Not to Evaluate?
A Two-Process Model of Innovation 
Adoption Decision Making
Nan (Tina) Wang, Eastern Illinois University, Charleston, USA

ABSTRACT

Usinginformationprocessingtheory(IPT)asthetheoreticallensandincorporatingvariousliteratures
followingtheIPTlens(e.g.,dual-thresholdinsignaldetection),thisarticledevelopsatwo-process
modelofinnovationadoptiondecisionmaking,accountingforthepossibilityforpotentialadopters
(atdifferentlevels)tomakeadoptiondecisions(adopt,donotadopt)withorwithoutanintensive
evaluationoftheinnovation.Specifically,thisarticleproposesthatthereisanattentionprocessprior
totheextensivelyinvestigatedintensiveevaluationprocess;potentialadoptersmaymakeadoption
decisions(adopt,donotadopt)attheendoftheattentionprocessordefermakingdecisionsuntil
afteranintensiveevaluationisconducted.Theimpactsofinnovationattributesonvariousinfluence
targets(i.e.,relativeadvantagebeliefstrength,adoptionthresholdandrejectionthreshold)during
thelessexaminedattentionprocessarealsodiscussed.Thisarticlemaycontributetotheinnovation
adoptionliteratureandprovidepracticalimplicationsforinnovationproponents/detractorsregarding
howtocraftsensegivingmessagesinfluencingpotentialadopters’decisionmaking.
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INTRoDUCTIoN

Innovationadoptionatdifferentlevelshasreceivedextensiveresearchattention(e.g.,Rogers,1962;
Venkatesh,Morris,Davis&Davis,2003). In thispaper,“potentialadopters” isused todescribe
adoptiondecisionmakersatthelevelsofindividual(Brancheau&Wetherbe,1990),organizational
unit(Cool,Dierickx&Szulanski,1997),andorganization(Cooper&Zmud,1990).Severalinfluential
models(e.g.,TAM,UTAUT)havebeenproposedtoexplainpotentialadopters’adoptiondecision
makingprocess.Despite theextensiveattentionpaid toadoptiondecisionmakingprocess,some
questionsstillremain.Aphenomenonthatneedsdeeperunderstandingisthatsometimespotential
adoptersmakeadoptiondecisions(adoptordonotadopt)withoutconductinganintensiveevaluation
oftheinnovation(whileothertimesdeferdecisionmakinguntilanintensiveevaluationisconducted).

Thisphenomenonoccursatdifferentlevels.Forexample,attheindividuallevel,researchon
herdbehaviorssuggestthatindividualsmayimitateothers’adoptionbehaviorswithoutconducting
anintensiveevaluationoftheinnovation(e.g.,Sun,2013);attheorganizationallevel,theliterature
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on innovation bandwagon suggests that organizations may adopt innovations, especially those
fashionableones,followinga“metoo”rationalewithoutdoinganintensiveevaluation(e.g.,Swanson
&Ramiller,2004).Apartfromadoptinganinnovationwithoutconductinganintensiveevaluation,
potentialadopters(atdifferentlevels)mayalsorejectaninnovationwithoutconductinganintensive
evaluation.Take the storyofBritishNavy fightingagainst scurvyasanexample.Despite some
convincingevidenceregardingtheeffectivenessoforangestopreventscurvy,authoritiesatBritish
Navydecidedtoneglectthisinnovation(formorethanacentury)withoutdoinganintensiveevaluation,
partlybecausethepersonwhoclaimedtheeffectivenessoforangesforcuringscurvywasnotanaval
medicineexpert.Similarly,theliteratureoninnovationbandwagonsuggeststhatorganizationsmay
alsorejectaninnovationfollowinga“metoo”rationale(e.g.,Abrahamson,1991).

Traditional models (e.g., TAM, UTAUT) proposed to explain potential adopters’ adoption
decisionmakinglargelyassumethatadoptiondecisionsaremadeafteranintensiveevaluationofthe
innovation.Thisassumptionisproblematic,especiallynowadays,forseveralreasons.First,undertaking
anintensiveevaluationforeachcandidateinnovationisnotfeasible.Thenumberofinnovationsthat
comeoutandcouldbeconsideredasacandidateforadoptionisincreasingquickly.Comparedto
thelargenumberofcandidateinnovations,potentialadopters’cognitiveresourcesrequiredforan
intensiveevaluationbecomescarce(e.g.,Davenport&Beck,2001;Ocasio,2011)—Justlikewhat
HerbertSimonargueddecadesago,“...inaninformation-richworld,thewealthofinformationmeans
adearthofsomethingelse:ascarcityofwhateveritisthatinformationconsumes…Henceawealthof
informationcreatesapovertyofattentionandaneedtoallocatethatattentionefficientlyamongthe
overabundanceofinformationsourcesthatmightconsumeit”(Simon1971,pp.40–41).Asaresult,it
isimpossibleforpotentialadopterstoundertakeanintensiveevaluationforeachcandidateinnovation.
Second,potentialadoptersaresometimes“forced”tomakeadoptiondecisionswithoutanintensive
evaluation.Thiscouldhappenwheninnovationsarereallycomplicatedandhencebeyondpotential
adopters’evaluationcapabilities.Inthiscase,potentialadoptersoftenmakedecisionsfollowinga
“metoo”rationalebecausethey“preferthechanceofbeingwrongwitheverybodyelsetotheriskof
providingadeviantforecastthatturnsouttobetheonlyincorrectguess”(Anderson&Holt,1997,p.
848).Thiscouldalsohappenbecauseofthepowerofsocialinfluence,whichhasbeenconsistently
foundtoaffectpotentialadopters’decisions(e.g.,Swanson&Ramiller,2004;Rogers,1962).Third,
insomecases,itisactuallywisetoskipanintensiveevaluation.Whentheinnovationisobviously
promising,skippinganintensiveevaluationallowsindividualstoactquicklyandobtainfirst-move
advantage (e.g., Sambamurthy & Zmud, 2014); when the innovation is obviously unpromising,
conductinganintensiveevaluation,accordingtotheattentioneconomyargument(e.g.,Davenport
&Beck,2001),issimplyawasteofscarceresource.

Due to the problematic assumption discussed above, traditional models are inadequate in
explainingwhyandhowpotentialadopterssometimesmakeadoptiondecisionswithoutundertaking
an intensiveevaluation.Forexample,UTAUT(Venkateshet al., 2003)argued thatperformance
expectancy(i.e.,thedegreetowhichindividualsbelievethatusingtheinnovationwillhelpattain
gainsinjobperformance,e.g.,usefulness)andeffortexpectancy(i.e.,thedegreeofeaseassociated
withtheuseoftheinnovation,e.g.,easeofuse)ofaninnovationaffectadoptiondecisions.However,
howdopotentialadoptersformperformanceandeffortexpectanciesbeforeconductinganintensive
evaluationandhowsuchexpectancies(ifsomehowformedwithoutanintensiveevaluation)affect
theiradoptiondecisionscan’tbewellexplained.

Additionally, it is unclear whether potential adopters are more likely to skip an intensive
evaluation for certain innovations than others. Innovations are anything but homogeneous, with
systematicdifferencesaffecting individuals’assessmentsofbenefitsandcostsof the innovation.
Scholars interested in innovation adoption have made considerable progress in identifying and
understandingthevarietyofinnovationattributesinfluencingadoptionoutcomes(e.g.,Al-Natour
&Benbasat,2009;Venkatesh,etal.,2003).However,priorresearchfocusedontheinfluenceof
innovationattributesduring the intensiveevaluationprocess(andpost-adoptionbehaviors).Asa
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