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ABSTRACT

The level of malondialdehyde (MDA) in wet tissue of different organs is utilized as a measure of toxic 
effect. The numerical data on the concentration of MDA in wet tissue of liver, kidneys, brain, and heart 
of rat is examined as the endpoint which are impacted by different dose (mg/kg), exposure time (3 and 
14 days) and single oral treatment of aluminium nano-oxide (Al2O3) with 30 nm or 40 nm. An attempt 
to develop predictive model for this endpoint has been carried out in this work. SMILES is a traditional 
tool to represent molecular structure for QSPRs/QSARs. In contrast to traditional SMILES, so-called 
quasi-SMILES can be a tool to build up quantitative features – property / activity relationships (QFPRs/
QFARs) for endpoints which are not defined by solely molecular structure, but by a group of physico-
chemical and/or biochemical conditions. The quasi-SMILES is the representation of the above eclectic 
conditions whereas the QFPR/QFAR are models of endpoints which are modified under impacts of these 
eclectic conditions.

1. INTRODUCTION

The influence of various nanomaterials on the everyday life gradually increase owing to their high 
functional potential be very useful materials for different applications (Vanić and Škalko-Basnet, 2013; 
Ma et al., 2013; Singh and Gupta, 2014; Melagraki and Afantitis, 2014; Panneerselvam and Choi, 2014; 
Potrč et al., 2015; Sauer et al., 2015; Speck-Planche et al., 2015). However, a tool to risk assessment for 
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nanomaterials similar to quantitative structure – property /activity relationships (QSPRs/QSARs) (To-
ropova et al., 2012; Yilmaz et al., 2015) as research field is in an initial phase of the development (Muthu, 
2012; Oksel et al., 2015). The solution of this task for regulatory purposes in the case of nanomaterials 
involved in the agriculture, food, cosmetics, drug discovery, etc. needs to be reached in the near future 
(Arts et al., 2014; Arts et al., 2015; Filon et al., 2015; Amenta et al., 2015).

In general, different measures of danger acting of nanomaterials upon cells are known (Long et 
al., 2009; Prabhakar et al., 2012; Diez-Ortiz et al., 2015; Toropova et al., 2015a; Hadrup et al., 2015). 
In particular, the level of malondialdehyde (MDA) in wet tissue of different organs is considered as a 
measure of toxic effect of nanomaterials (Long et al., 2009; Prabhakar et al., 2012).

Attempts which are aimed to build up models for such acting of nanomaterials using the traditional 
QSPR/QSAR approaches (De Abrew et al., 2015), as rule, are impossible excepting the cases of acting 
of small molecules together with a nanomaterial (Fourches et al., 2010; Toropov et al., 2013).

In the case of traditional materials where the molecular structure represented by SMILES is avail-
able to mathematical and computational analyses, the QSPR/QSAR is a tool to more or less satisfactory 
prediction of different endpoints (Veselinović et al., 2013; Achary, 2014a, 2014b; Comelli et al., 2014; 
Nesmerak et al., 2014; Worachartcheewan et al., 2014; Toropova and Toropov, 2014; Veselinović et al., 
2015).

A possible way to build up such models can be expressed by paradigm: “Endpoint = f(SMILES)”. 
In the case of nanomaterials where weak variation of molecular structure accompanied by intensive 
variation of conditions more appropriate paradigm is “Endpoint = f(Eclectic data)”.

The quasi-SMILES can be the representation of eclectic data (Toropov and Toropova, 2015). The 
quasi-SMILES are analogies of traditional SMILES, but symbols involved in the quasi-SMILES are 
representations of features and/or conditions that are not representation of features of the molecular 
architecture only. (Toropova and Toropov, 2013; Toropov and Toropova, 2014; Toropova et al., 2015b).

The aim of this work is to build up models for level of MDA in wet tissue of different organs of rat 
under different action of Al2O3 nanoparticles.

2. METHOD

2.1. Data

The experimental data on the level MDA in wet tissue (nanomoles of MDA per gram wet tissue) of 
liver, kidneys, brain, and heart of rat under different conditions taken in the literature (Prabhakar et al., 
2012). Table 1 contains the representation of different conditions of acting Al2O3 nanoparticles by quasi-
SMILES. These data (quasi-SMILES together with endpoint values) were three times randomly split 
into the training, calibration, and validation set. The length of quasi-SMILES (the number of symbols) 
is important indicator for possibility of a model to be successful.

It is to be noted that length 1 for quasi-SMILES is nonsense, because in this case the prevalence of 
each attribute is zero in the training or in calibration set (the presence in both mentioned set is impos-
sible), i.e. for each attribute, A, one can obtain:

Ntraining(A) × Ncalibration(A) = 0 



 

 

10 more pages are available in the full version of this document, which may

be purchased using the "Add to Cart" button on the publisher's webpage:

www.igi-global.com/chapter/quasi-smiles-for-nano-qsar-prediction-of-toxic-

effect-of-al2o3-nanoparticles/174181

Related Content

Therapeutic Applications of Nanobiomaterials
Anuj Garg (2017). Novel Approaches for Drug Delivery (pp. 390-412).

www.irma-international.org/chapter/therapeutic-applications-of-nanobiomaterials/159674

Application of Docking Methodologies in QSAR-Based Studies
Omar Deeb, Heidy Martínez-Pachecho, Guillermo Ramírez-Galiciaand Ramón Garduño-Juárez (2017).

Pharmaceutical Sciences: Breakthroughs in Research and Practice  (pp. 850-876).

www.irma-international.org/chapter/application-of-docking-methodologies-in-qsar-based-studies/174153

ADMET Prediction and Molecular Simulation of Desmostachya bipinnata Against Gastric Cancer

Protein (PFN1)
S. Arun pandiyan, H. Kabeer khan, P. Vivek, S. Ivo Romauldand S. S. Meenambiga (2024). Harnessing

Medicinal Plants in Cancer Prevention and Treatment (pp. 309-326).

www.irma-international.org/chapter/admet-prediction-and-molecular-simulation-of-desmostachya-bipinnata-against-

gastric-cancer-protein-pfn1/341966

Biosimilars: Concept and Regulation
Anil K. Sharma, Raj K. Keservaniand Rajesh K. Kesharwani (2017). Novel Approaches for Drug Delivery

(pp. 171-188).

www.irma-international.org/chapter/biosimilars/159662

Protein Structure Prediction Using Homology Modeling: Methods and Tools
Akanksha Gupta, Pallavi Mohantyand Sonika Bhatnagar (2017). Pharmaceutical Sciences: Breakthroughs

in Research and Practice  (pp. 877-897).

www.irma-international.org/chapter/protein-structure-prediction-using-homology-modeling/174154

http://www.igi-global.com/chapter/quasi-smiles-for-nano-qsar-prediction-of-toxic-effect-of-al2o3-nanoparticles/174181
http://www.igi-global.com/chapter/quasi-smiles-for-nano-qsar-prediction-of-toxic-effect-of-al2o3-nanoparticles/174181
http://www.irma-international.org/chapter/therapeutic-applications-of-nanobiomaterials/159674
http://www.irma-international.org/chapter/application-of-docking-methodologies-in-qsar-based-studies/174153
http://www.irma-international.org/chapter/admet-prediction-and-molecular-simulation-of-desmostachya-bipinnata-against-gastric-cancer-protein-pfn1/341966
http://www.irma-international.org/chapter/admet-prediction-and-molecular-simulation-of-desmostachya-bipinnata-against-gastric-cancer-protein-pfn1/341966
http://www.irma-international.org/chapter/biosimilars/159662
http://www.irma-international.org/chapter/protein-structure-prediction-using-homology-modeling/174154

